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Watan-2004 and Khaleej-2004: Two Arabic Corpora forNatural
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Abstract:

The dataset, we present in this paper, has been prepared mainly for Arabic
text categorization. Nevertheless, it is useful for other purposes related to Natural
Language Processing as text summarization, language modeling and Named
entity recognition, as well as for building other resources or achieving different
preprocessing tools. The dataset is composed of two Arabic corpora, namely
Watan-2004 and Khaleej-2004, collected from online Arabic newspapers. Their

sizes are around ten millions and three millions words respectively.

Keywords: Natural Language Processing, corpora, Watan-2004, Khaleej-2004.
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1. Introduction

The Role of dataset in Natural Language Processing (NLP) is indispensable.
They are not merely collections of text, they are the structured information, and
labeled examples that allow building models capable of understanding,
generating, and interacting with human language. The training data quality is the
main key of the model strength. A number of points are considered in building
such dataset. Size, diversity, representativeness of data are important parameters
for the model to learn complex language nuances and represent the variations in
language, style, and vocabulary.

It is clear that the famous powerful Large Language Models (LLMs) are
data-intensive. However, their recent emergence has not made small-data machine
learning irrelevant, because we often see them overkill or prohibitively expensive
for practical, efficient, and specialized tasks, compared to small-data models.
Therefore, developing relatively small data is still necessary for the reasons we
mentioned above. The particular type of dataset that we are interested in is the one
devoted to text categorization; which is basically a collection of texts/documents,
each associated with a corresponding label.

In the following, we present in section 2 a brief description of the dataset,
like the number of categories, and their size in terms of documents and words
number. Then, we describe in section 3, the method of collecting the documents
from the web and showing the different preprocessing steps and how representing
the data. Finally, we focus on the value of both datasets by highlighting their
impact on various research projects based on them.

2. Dataset

The source of our dataset is the articles downloaded in 2004 from two Arab
online newspapers: AkhbarAlkhaleej and Alwatant. This was resulted in two
corpora: Khaleej-2004 and Watan-2004. Watan-2004 is composed of more than
20.000 articles and covers six topics, namely: culture, religion, international news,
local news, economy and sports (Table 1), while Khaleej-2004 is composed of
5690 articles and covers four topics, as indicated in Table 2.

'https://akhbar-alkhaleej.com/
https://alwatan.om/
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Topic # documents / words
Culture 2782 /1.359.210
Religion 3860 / 3.122.565
Economy 3468 / 1.460.462
Local News 3596 / 1.555.635
International News | 2035 / 855.945
Sports 4550/ 1.423.549
Total 20291 /9.813.366

Table 1. Watan-2004 corpus statistics

Topic #documents / words
International News 953/ 755.000

Local News 2398 / 893.000
Economy 909 /578.000
Sports 1430/ 628.000
Total 5690 / 2.854.000

Table 2. Khaleej-2004 corpus statistics

3. Experimental Design, Materials and Methods

We used WinHTTrack to collect a large number of Web pages that contain
newspapers articles in different topics. This Web crawler allows saving the html files
in a well-organized way. We have developed a tool (using c++) to extract
automatically the texts from the downloaded html files, and saved them in different
categories (culture, religion, international news, local news, economy and sports).

Faced to thousands of resulted texts, we had to develop many tools related to
text preprocessing required for text categorization as term frequencies computing
(Table 3), light stemming, punctuation marks and stop words removal.

For Arabic, non-content words removal is not as simple as for English or
French because of agglutination, which is one of the specificities of Arabic. For
instance, the preposition “s” is not isolated from the following word. That is why
we conducted light stemming to separate such non-content words and then to

remove them.
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Table 3. Most frequent words in Watan-2004 corpus

4. Value of the Data

Khaleej-2004 and Watan-2004 are very useful for NLP research related to
Arabic language: in topic detection [1-16], text categorization [27-33], text
summarization [34-36], clustering [37, 38], document retrieval [39] and Named
entity recognition [48-50]. This data has also been effectively utilized for building
other resources [17-24], as well as for achieving quality assessment of Arabic
corpora [25] and Wordnet Construction [26]. In addition, the dataset's utility
extends across numerous advanced applications, including root extraction [40],
exploring semantic relatedness [41], word sense disambiguation [42], sentiment
analysis [43] and multi-word terms extraction [8, 44]. More fundamentally, it has
also served as the cornerstone for building preprocessing tools [45,46] like
stemming [47], tokenization and Part of speech tagging [48].

The dataset has proven critical for many other tasks as automatic vowelization
of Arabic texts [52], embedded Arabic text detection and recognition in videos
[53,54], identification of broadcast news story boundaries [55] and even Arabic
dialects speech recognition systems [56].
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Conclusion

In this paper, we presented in a very concise way, the dataset we built for NLP
tasks, mainly for text categorization and topic identification. It is important to note
that the Arabic language differs from other Latin languages in several aspects due
to its features. Though advantageous in many situations, these features pose a
hurdle that makes Arabic processing more complex.

Arabic's ability to group several semantic units into a single orthographic word
results in a highly concise text representation, but also requires additional work in
text processing field. Another characteristic of Arabic is the omission of short
vowels (or diacritics), which is unusual for other languages. The consequence of
the intentional omission of these vowels is that the word becomes more
compressed and more ambiguous. All these challenges arose during the dataset
processing, proving particularly difficult in text representation. The challenges we
encountered involve preprocessing steps, such as calculating term frequency and
removing stop words. The various works based on this dataset 2 show its
usefulness for the research community.

2A summary of dataset specifications is reported in Table 4.
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Appendix

More specific subject
area

Computational Linguistics, Text Categorization, Topic Identification,
Language Modeling, Modern Standard Arabic

Type of data

text file

How data was
acquired

Html files were downloaded using HTTrack website copier, from two
online Arabic newspapers Alwatan and Akhbar AlKhaleej.

Data format

Raw

Experimental factors

Texts were extracted from the downloaded html files, and then
punctuation marks have been removed. Texts have been divided into a
number of categories (topics).

Experimental
features

Computing terms frequencies, extraction of non content words, Texts
representation and automatic topic identification.

Data accessibility

The data is freely available at:
https://sourceforge.net/projects/arabiccorpus/files/

Table 4. Summary of dataset specifications.
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