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Abstract:

This research paper presents a roadmap for leveraging advanced computing developments
and profound digital transformations, represented by big data analytics and predictive analytics.
These enablers and enhancers help improve the outcomes of marketing decision support systems in
a rapidly evolving digital landscape. The study finds that the vast amounts of hidden and complex
historical data sets can be optimally exploited through the dynamics of psychographic and
behavioral data mining and artificial intelligence algorithms, resulting in unprecedented
competitive advantages. Accordingly, this research argues for the commercial returns and
marketing benefits resulting from harnessing and adapting automation and cyber-physical systems
to achieve hyper-personalization based on enriching customer experiences by extracting insights
and gaining valuable knowledge about future patterns and trends in consumer behavior and
purchasing decisions.
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