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Abstract:

This study examines how artificial intelligence systems support strategic decision-
making at Microsoft as an advanced digital enterprise integrating cloud platforms, data
analytics, productivity tools, and governance frameworks. Using a descriptive-
interpretive case study and qualitative analysis of published documents, it links Al
functions to decision-stage impacts. Findings show that integrated Al improves decision
speed and quality, reduces uncertainty, and broadens alternatives. However,
effectiveness depends on data quality, governance maturity, and adoption capacity,
confirming Al as an organizational capability beyond a tool.
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Résumé:

Cette étude analyse comment les systemes d’intelligence artificielle soutiennent la prise
de décision stratégique chez Microsoft, considérée comme une entreprise numérique
avanceée intégrant plateformes cloud, analytique des données, outils de productivité et
cadres de gouvernance. En s ’appuyant sur une étude de cas descriptive-interpretative et
une analyse qualitative de documents publiés, elle relie les fonctions de I’'IA aux effets
sur les différentes étapes decisionnelles. Les résultats montrent que ['IA intégrée
améliore la rapidité, la qualité, réduit ['incertitude et élargit les alternatives
stratégiques.
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I. Introduction

The contemporary digital era is witnessing a rapid advancement in artificial
intelligence technologies, a development that has brought about profound
transformations in organizational structures and in patterns of strategic decision-
making. Artificial intelligence is no longer merely an auxiliary tool; rather, it has
become a strategic partner that enhances the capacity to analyze data, anticipate
trends, and generate innovative alternatives in competitive environments
characterized by complexity and uncertainty. In this context, Microsoft stands
out as a leading model of a digital enterprise that places artificial intelligence at
the core of its operations and strategy, reflecting its evolution from a
technological product into an organizational capability embedded across data
systems, platforms, and workflows. This is manifested through an interconnected
ecosystem comprising data platforms (Fabric), model development environments
(Azure Al Foundry), productivity tools (Copilot), and governance frameworks
(Purview and Responsible Al).

In light of the foregoing, the study addresses the following central question:
How can Al systems integrated into the institutional architecture support the
effectiveness of strategic decision-making at Microsoft?

The theoretical significance of this study lies in its contribution to bridging
a gap in the Arabic literature by offering a coherent analytical framework that
links artificial intelligence technologies with the field of strategic management,
while also providing an operational definition of the concept of support
effectiveness that goes beyond narrow technical metrics. Its practical significance
resides in presenting an analytical model that leaders and decision-makers in
digital organizations can use to better understand how artificial intelligence may
be leveraged to enhance organizational agility and competitive advantage, while
drawing attention to the accompanying organizational challenges.

The study aims to: establish the theoretical foundations of artificial
intelligence, strategic decision-making, and the nature of the relationship
between them; analyze the role of Al systems across the stages of decision-
making; apply an effectiveness measurement framework encompassing speed,
quality, adoption, and governance; examine Microsoft as an interconnected
organizational architecture; and derive key lessons and enabling conditions while
acknowledging the limitations of secondary sources.

This study adopts a descriptive—interpretive case study approach to analyze
the effectiveness of artificial intelligence in supporting strategic decision-making
within Microsoft. It employs a three-dimensional analytical matrix linking the
stages of decision-making, the functions of intelligent systems (analysis,
prediction, guidance, and automation), and observable impact indicators (speed,
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quality, uncertainty reduction, breadth of alternatives, adoption, and governance).
Data collection relied on a systematic qualitative analysis of secondary sources,
including official institutional documents, technical documentation, media
releases, internal case studies, as well as relevant academic and professional
literature. The analysis was conducted in two stages: the first focused on
constructing the conceptual framework and analytical matrix, while the second
applied this framework to the Microsoft case in order to derive indicators of
effectiveness. At the same time, the study acknowledges the methodological
limitations associated with reliance on publicly available information and the
resulting constraints on inference and generalization, which render the findings
interpretive and correlational in nature.

This paper is organized into the following two sections: Section One: The
theoretical foundations of artificial intelligence and strategic decisions. Section
Two: An analysis of the role of artificial intelligence systems in supporting the
stages of strategic decision-making at Microsoft.

Il. The Theoretical Foundations of Artificial Intelligence and Strategic
Decisions

The rapid advancement of artificial intelligence technologies has brought
about profound transformations in organizational structures and in the making of
strategic decisions, thereby necessitating a reconsideration of traditional
frameworks. This, in turn, requires a theoretical treatment of the concept of
artificial intelligence and its managerial systems as a prelude to analyzing the
nature of strategic decision-making in complex environments characterized by
uncertainty.

11.1 The Conceptual Framework of Artificial Intelligence

This section aims to provide a conceptual foundation clarifying the nature
of artificial intelligence, thereby establishing a scientific basis for understanding
its role in supporting strategic decisions.

11.1.1 The Emergence and Evolution of Artificial Intelligence

The concept of artificial intelligence dates back to the 1950s, when John
McCarthy first introduced the term in 1956 during the Dartmouth Conference,
within the framework of a research proposal aimed at stimulating human mental
capabilities through machines (McCarthy, 1956, pp. 1-13). This phase was
marked by a focus on symbolic models and logical algorithms.

During the 1980s, artificial intelligence witnessed significant development
with the emergence of expert systems, which were used to support decision-
making within organizations, particularly in industrial and administrative fields
(Russell & Norvig, 2021, pp. 22-28).
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The contemporary phase, however, has been characterized by reliance on
machine learning and deep learning, supported by the availability of big data and
advances in computing, which has expanded the scope of artificial intelligence
applications in supporting strategic decision-making within digital organizations
(Davenport & Ronanki, Artificial Intelligence for the Real World, 2018, p. 113).
11.1.2 1.2. The Concept of Artificial Intelligence

Artificial intelligence is composed of two words: intelligence and artificial,
each of which carries a distinct meaning. According to Webster (2018),
intelligence is “the ability to learn or understand or to deal with new situations.”
In other words, the key elements of intelligence are perception, understanding,
and learning. The word artificial, on the other hand, is associated with the act of
making or constructing; thus, it refers to all things that arise as a result of human
activity or intervention through fabrication and formation, in contrast to things
that already exist and are generated naturally without human involvement
(Athamnia, 2019, p. 11).

A number of researchers and specialists have defined artificial intelligence
from different perspectives. Patterson (1996) considers artificial intelligence to
be a branch of computer science concerned with the study and design of
computer systems capable of exhibiting certain forms of intelligence. Such
systems possess the ability to generate useful inferences regarding presented
problems, as well as to understand natural languages, perceive sensory input, and
perform other tasks that would require human intelligence if carried out by
humans.

Similarly, Borana (2016, p. 46) defines artificial intelligence as the ability
of computer devices and systems to perform mental activities similar to those
performed by humans, such as thinking, acquiring knowledge, controlling
processes, and understanding relationships among phenomena. These systems are
viewed as artificial models that may eventually simulate human minds through
the performance of tasks that would require human intelligence if executed by
humans.

Kaplan and Haenlein (2019, p. 15) also provide a practical definition of
artificial intelligence in the business context as “a system’s ability to correctly
interpret external data, to learn from such data, and to use those learnings to
achieve specific goals and tasks through flexible adaptation.” In practical terms,
this definition is reflected in the capacity of Al systems to analyze data
originating from the organization’s external environment, learn from it through
machine learning algorithms, and then employ this learning to support the
achievement of strategic objectives while continuously adapting to market
changes. This, in turn, enhances the quality of strategic decisions and reduces the
degree of uncertainty.
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By contrast, the U.S. National Academies of Sciences, Engineering, and
Medicine define contemporary artificial intelligence as a general-purpose
technology characterized by a core intelligence capability that can accelerate
innovation and reshape the structure of industries (National Academies of
Sciences, 2025).

Based on the foregoing, artificial intelligence may be understood as a set of
computer-based systems and applications designed to simulate certain human
cognitive capabilities, namely perception, understanding, learning, and reasoning,
by analyzing the organization’s internal and external data, learning from it
through machine learning algorithms, and then deploying the extracted
knowledge to support the achievement of strategic goals and enable flexible
adaptation to environmental changes, thereby contributing to improved strategic
decision quality and a reduction in the uncertainty associated with it.

11.1.3 Objectives and Importance of Artificial Intelligence in Business
Organizations

Artificial intelligence constitutes a fundamental instrument in business
organizations for enhancing efficiency and fostering innovation, as it contributes
to the automation of routine tasks and the analysis of large-scale data in support
of strategic decision-making. It also aims to improve productivity, reduce costs,
and enable new business models, which makes it a cornerstone of digital
competitiveness in 2025 ( Quiroz-Vazquez & Goodwin, 2025).

More broadly, artificial intelligence seeks to understand human intelligence
by developing computer programs that simulate intelligent behavior. In practice,
this means enabling systems to solve problems and make decisions by using
embedded inferential processes. In this regard, Al systems aim to achieve the
following (Ghalib, 2025, p.11):

« to store knowledge, analyze it, and preserve methodological rules for
handling;

« to acquire accumulated human knowledge, update it, preserve it, and
invest it in problem-solving;

« to optimize the use of scientific and practical knowledge and expertise
while overcoming problems of deterioration, deficiency, and forgetting;

o to generate or develop new knowledge and expertise, activate
computerized knowledge, and employ it in decision-making.

Artificial intelligence has gained significant popularity in recent years,
primarily due to three factors: the growing volume of available digital data, the
increase in data storage and computational processing capacity alongside
declining costs, and advances in the algorithms employed. Owing to these
developments, it has become possible to make better use of Al capabilities,
which has, in turn, led to a substantial expansion in its adoption. Consequently,
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business organizations have numerous motives for employing Al applications in
light of their importance, including the following (Bouzreb, 2018, p.37):

« the creation of an organized knowledge database in which information is
stored effectively, enabling organizational personnel—especially those
working in knowledge management—to access knowledge and learn
experiential rules not available in books or other information sources;

o the storage of information and knowledge associated with artificial
intelligence, thereby enabling the organization to protect its proprietary
knowledge from leakage or loss resulting from employee turnover,
resignation, transfer, or death;

« the establishment of a mechanism not subject to human emotions such as
anxiety, fatigue, or exhaustion, particularly when dealing with strenuous
tasks involving physical and mental risk;

« the generation and discovery of solutions to complex problems, as well as
the analysis and treatment of such problems within an appropriate and
short time frame.

Al applications are increasingly vital to strategic planning because they
improve long-term decision quality by reducing uncertainty, enhancing foresight,
and strengthening sustainable competitive advantage (McKinsey & Company,
2022, p. 10).

11.2 The Concept of Strategic Decisions and the Stages of Their Formulation

The concept of strategic decisions and the stages through which they are
made constitute a fundamental pillar of strategic management, as they determine
the long-term direction of the organization in complex environments.

11.2.1 The Concept of Strategic Decisions

The concept of the strategic decision has received considerable attention in
administrative thought, and its definitions have varied according to the
theoretical approaches through which it has been examined. Many scholars, such
as Jauch and Glueck (1979), agree that a strategic decision is “the decision
selected from among a set of strategic alternatives, representing the best way to
achieve the organization’s objectives.” By contrast, Mintzberg and Quinn define
strategic decisions as “those decisions that determine the organization’s
fundamental course and general direction in light of anticipated and
unanticipated changes occurring in the surrounding environment; they ultimately
shape the organization’s real objectives, help outline the broad lines through
which it operates, direct the allocation of resources, and determine organizational
effectiveness” (Al-Saadi, 2011, p.18).

Wheelen and Hunger (2012, p. 25) further note that strategic decisions
differ from other types of decisions in that they deal with the long-term future of
all parts of the organization. They cover an extended time horizon, encompass
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the organization as a whole, and possess three main characteristics: rarity, in that
the strategic decision is unusual and lacks precedents on which it may rely;
commitment, since it is a binding decision that entails the allocation of the
organization’s core resources and requires a high degree of commitment from
human resources at all levels; and directionality, as strategic decisions establish
the foundations upon which other administrative decisions, activities, and future
procedures throughout the organization are built.

In light of the foregoing, strategic decisions may, for the purposes of this
study, be defined as a set of long-term decisions made by top management from
among a range of available alternatives with the aim of determining the general
direction of the organization, allocating its core resources, expanding into
markets, and developing products and services in response to internal and
external environmental changes, in ways that enhance its competitive capacity,
support the achievement of its long-term strategic objectives, and ensure its
sustainability.

11.2.2 The Stages of Strategic Decision-Making

The strategic decision-making process passes through several interrelated
stages. According to Wheelen and Hunger (2012, p. 27), these stages may be
summarized as follows:

« evaluating the results of the organization’s current performance through
the analysis of key performance indicators such as return on investment
and profits, in addition to reviewing the current mission, objectives,
strategies, and adopted policies;

« examining and evaluating strategic leadership, including the board of
directors and top management, in terms of their capabilities, expertise, and
role in directing the strategic decision;

o scanning the organization’s external environment in order to identify
strategic factors representing opportunities and threats, whether economic,
technological, or competitive;

o scanning the organization’s internal environment to identify strategic
strengths and weaknesses related to resources, capabilities, and
organizational competencies;

« analyzing strategic factors through SWOT analysis for the purpose of
identifying areas of strategic problems, while reviewing and revising the
organization’s mission and objectives whenever necessary;

« gQenerating, evaluating, and selecting strategic alternatives by comparing
possible strategies in light of the results of the strategic analysis;

« Implementing the selected strategies through the development of action
programs, budget allocation, and the determination of the required
organizational procedures;
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« evaluating and monitoring the implemented strategies by means of
feedback systems and strategic control in order to correct deviations and
reduce errors in a timely manner.

1.3 The Analytical Framework for Measuring the Effectiveness of Artificial
Intelligence in Supporting Strategic Decision-Making

Al supports strategic decision-making throughout all decision stages, from
situational analysis to strategy selection and implementation follow-up. This role
can be understood through three dimensions: the analytical contribution of Al,
the systems and applications that enable decision support, and the criteria used to
assess its effectiveness and outcomes.

11.3.1 Dimensions of Al Contribution Across the Stages of Strategic Decision-
Making

Artificial intelligence systems now constitute a cornerstone of strategic
digital transformation within business organizations, having moved beyond their
role as auxiliary computational tools to become a strategic resource supporting
the development of future vision and the formulation of options in complex
competitive environments. Al systems refer to computational tools and
technologies designed to simulate human cognitive capabilities, such as learning,
reasoning, and problem-solving, thereby enabling the organization to analyze
data and generate knowledge supportive of managerial decisions, particularly in
strategic contexts characterized by complexity and uncertainty (Russell & Norvig,
2021).

In the business context, Davenport and Ronanki (Artificial Intelligence for
the Real World, 2018) explain that the role of these systems has evolved beyond
conventional automated processing to become that of a strategic partner through
the analysis of complex data and the generation of proactive insights that directly
support decision-making in rapidly changing competitive environments.

The relationship between artificial intelligence and strategic decision-
making can be analyzed through graduated analytical levels that reflect the
evolution of data use across the different stages of decision-making, moving
from description and diagnosis to prediction and guidance (Marr, 2023). At the
descriptive and diagnostic level, artificial intelligence contributes to the analysis
of historical and current data in order to understand what happened and why it
happened, thereby supporting the stage of performance assessment and analysis
of the existing situation. At the predictive level, machine learning and deep
learning techniques are employed to anticipate future trends and estimate risks,
thereby enhancing top management’s capacity to cope with strategic uncertainty,
such as forecasting demand, detecting supply risks, or assessing market
developments through advanced analytical models. Prescriptive intelligence
represents the most advanced stage, in which artificial intelligence does not
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merely predict outcomes; rather, algorithms evaluate multiple scenarios and
propose weighted strategic alternatives, thereby supporting the selection of the
most appropriate strategy and guiding resource allocation, such as entry into new
markets or the development of innovative products and services (Davenport &
Ronanki, Artificial Intelligence for the Real World, 2018).

The fundamental transformation driven by artificial intelligence lies in
shifting competitive intelligence from a retrospective process based on historical
reports to a proactive intelligence system capable of analyzing unstructured data
and anticipating changes in the competitive environment, thereby enhancing
organizational agility and strategic adaptability (Marr, 2023).

Nevertheless, it should be emphasized that effective artificial intelligence in
the strategic domain does not replace human judgment; rather, it strengthens it.
The true value emerges in the human—machine partnership model, in which
artificial intelligence undertakes the processing of massive datasets and the
provision of analytical insights, while the leader retains the role of exercising
managerial judgment, critical thinking, and consideration of organizational and
ethical dimensions, thereby supporting the achievement of a sustainable
competitive advantage (Wilson & Daugherty, 2018). Accordingly, the success of
the strategic application of artificial intelligence depends on the integration of
three pillars: advanced technology, high-quality data, and human competence
supported by an organizational culture that fosters innovation and continuous
learning (National Academies of Sciences, 2025).

11.3.2 Al Systems and Applications Supporting the Stages of Strategic
Decision-Making

The foregoing theoretical dimensions of the relationship between artificial
intelligence and strategic decisions are translated in practice through a set of
intelligent systems and applications that have evolved from auxiliary
computational tools into active partners in the managerial process, as they are
employed to support the various stages of decision-making within business
organizations (Davenport & Ronanki, Artificial Intelligence for the Real World,
2018). Based on the stages of strategic decision-making adopted in this study
according to Wheelen and Hunger (2012), the following table illustrates the
alignment of the most prominent Al systems with the stages of decision-making
in terms of definition, role, and impact.

Table (01): The Contribution of Artificial Intelligence Systems Across the Stages of
Strategic Decision-Making

System Brief Academic | Supported Stage(s) of | Impact on Strategic
Definition Strategic Decision- | Decision-Making
Making
Intelligent  Decision | Interactive information | Performance evaluation; | Improves comparison
Support Systems | systems that support the | generation/evaluation/se | among alternatives,
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(Intelligent DSS) processing of semi- | lection of alternatives; | reduces uncertainty, and
structured and | evaluation and | supports monitoring and
unstructured decisions | monitoring of | evaluation (Laudon &
through models and | implemented strategies | Laudon, 2020).
data.

Machine Learning / | Algorithms that learn | Performance evaluation; | Enhances  forecasting
from data in order to | external environmental | accuracy, estimates
detect patterns and | scanning; SWOT | risks, and supports the
generate predictions and | analysis; selection of the most

viable strategy (Russell
& Norvig, 2021).

Big Data Analytics

Tools and techniques
designed to extract
knowledge from large,
diverse, and rapidly
flowing datasets.

External environmental
scanning; internal
environmental

scanning; SWOT
analysis

Enhances strategic
diagnosis by identifying
strengths, weaknesses,
opportunities, and
threats, while
supporting  evidence-
based planning
(Davenport & Harris,
Competing on
Analytics: The New
Science of Winning,
2017).

Processing (NLP)

Techniques for
processing text and
unstructured data and
extracting semantic

meaning from them.

External environmental
scanning; evaluation
and  monitoring  of
implemented strategies

Detects weak signals
and analyzes reports
and news in support of
early warning and
strategic control
(Kaplan & Haenlein,
2019).

Generative Al

Models that generate
content (reports,
summaries, proposals)

based on data and user
inputs.

Generation/evaluation/s
election of alternatives;
implementation of
selected strategies;
evaluation and
monitoring of
implemented strategies

Speeds up
generates
improves
documentation, and
enhances follow-up
efficiency (McKinsey &
Company, 2022).

reporting,
alternatives,

Source: Prepared by the two researchers based on the relevant literature.

The table demonstrates that artificial intelligence systems contribute to
supporting strategic decision-making through an interconnected sequence of
stages that begins with performance evaluation, environmental scanning, and
SWOT analysis, and extends to the comparison among alternatives, followed by
implementation and monitoring. Collectively, these systems and applications
enhance the quality of strategic decision-making by improving the accuracy of
information, accelerating analytical processes, and strengthening the
organization’s capacity to adapt to environmental changes, thereby reinforcing
competitive advantage and organizational sustainability in business organizations.
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11.3.3 Criteria for the Effectiveness of Supporting Strategic Decision-Making:
An Operational Measurement Framework

To avoid conceptual ambiguity, this study defines the effectiveness of Al-
supported strategic decision-making as the extent to which intelligent systems
improve decision readiness, quality, and efficiency across decision stages, as
reflected in measurable indicators.

« Speed of insight generation: reducing the time required for data collection,
analysis, and report preparation across the different stages (Marr, 2023).

o Improvement in the quality of information and analysis: enhancing the
accuracy of diagnosis and forecasting and reducing informational noise,
particularly through analytics and machine learning (Russell & Norvig,
2021).

o Reduction of uncertainty and risk: supporting more accurate risk
assessment, scenario simulation, and resource allocation guidance in order
to reduce exposure to risk (Davenport & Ronanki, Artificial Intelligence
for the Real World, 2018).

o Improved comparison among alternatives: increasing the number of
generated alternatives and the quality of comparison among them, while
raising the rate of adoption of prescriptive recommendations through
decision support systems and prescriptive intelligence (Laudon & Laudon,
2020).

« Implementability and follow-up: supporting the translation of decisions
into plans and procedures that are subject to control and enabling the early
detection of deviations (Kaplan & Haenlein, 2019).

« Governance, trust, and accountability: aligning Al outputs with ethical and
regulatory standards, ensuring clear accountability, and maintaining trust
in the system as a prerequisite for effective strategic use (Wilson &
Daugherty, 2018).

I11. An Analysis of the Role of Artificial Intelligence Systems in Supporting the
Stages of Strategic Decision-Making at Microsoft

This applied section analyzes how Al systems support strategic decision-
making at Microsoft through a matrix linking each decision stage to the relevant
Al tool and its documented impact.
I11.1 The Strategic Architecture of Artificial Intelligence at Microsoft: From
Technology Provider to Al-Powered Enterprise

Microsoft is a global technology company that manages a broad portfolio of
digital platforms and services for individuals and organizations. In its financial
disclosures, it adopts a business model built around three principal segments:
Productivity and Business Processes (such as Microsoft 365, Dynamics, and

492 Journal of Finance, Investment and Sustainable Development ® ISSN: 2507-7244



oy
7 = %y

{ Y AyatSouad ................ The Effectiveness of Artificial Intelligence Supporting

Strim=  Lision-Makina: An Analvtical Study of Microsoft
i,/

-

LinkedlIn), Intelligent Cloud (Azure and cloud services), and More Personal
Computing (Windows, devices, search, and gaming). This diversification makes
artificial intelligence a cross-cutting factor that is integrated into data, products,
and operations across all of the company’s activities.

Microsoft has strategically repositioned itself as an Al-powered enterprise,
treating Al as a core organizational capability that drives innovation, customer
engagement, and productivity rather than as a standalone product line (Microsoft,
Annual Report 2025 (Form 10-K), 2025a). This transformation aligns with the
Frontier Firm model and can be understood through Microsoft’s interconnected
Al architecture of data, models, productivity, and governance (Microsoft, Work
Trend Index 2025: The Year the Frontier Firm Is Born, 2025b).

111.1.1 The Data and Analytics Layer

This layer is represented by Microsoft Fabric / Power Bl and the associated
institutional data unification and processing on OnelLake, with embedded
governance mechanisms (Microsoft, OnelLake, the OneDrive for Data —
Microsoft Fabric, 2025; Microsoft, What Is Power BI? 2025).

111.1.2 The Models and Services Layer

This layer encompasses Azure Al / Al Foundry services, as well as
modeling and operationalization tools (MLOps) within Azure Machine Learning
(Microsoft, Azure OpenAl in Foundry Models, 2025), while also drawing on
model- and platform-level partnerships that expand the capabilities of generative
models at enterprise scale, such as the Microsoft-OpenAl partnership (Microsoft,
Microsoft and OpenAl Evolve Partnership to Drive the Next Phase of Al, 2025).
111.1.3 The Productivity and Workflow Layer

This layer is embodied in the integration of artificial intelligence into
knowledge-work tools (Microsoft 365 Copilot) and in the automation of
processes at the application and workflow levels, thereby accelerating decision
preparation, execution, and follow-up (Microsoft, Microsoft 365 Copilot, 2025).
111.1.4 The Governance and Compliance Layer

This layer is represented by Responsible Al frameworks and by data
governance and institutional compliance mechanisms, ensuring trust and
accountability as Al-augmented decision-making is scaled up (Microsoft,
Responsible Al Transparency Report 2025, 2025c).

Accordingly, artificial intelligence does not appear at Microsoft as a
separate bundle of products, but rather as an interconnected architecture that
improves the organization’s capacity to generate insights, accelerate coordination,
and support strategic decision-making across all its stages.
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I11.2 The Role of Artificial Intelligence Systems Across the Stages of Strategic
Decision-Making at Microsoft

Building on this layered reading of the ecosystem (data and analytics —
models and services — productivity and workflow — governance and
compliance), Microsoft’s support for strategic decision-making may be analyzed
as an institutional flow of insights that begins with data unification and analytical
structuring, proceeds through the operation of models for interpretation,
prediction, and simulation, and then integrates the outputs into executive
workflows, while governance mechanisms are applied to ensure trust and
accountability.

In establishing this argument, the present study relies on a combination of:
Microsoft’s official disclosures in its annual report (as indicators of scope and
adoption); published research findings in the Work Trend Index (regarding work
behaviors and the effects of Copilot tools); and a published internal case study
(Microsoft Finance) demonstrating a direct quantitative effect of adopting
Microsoft Fabric in the reporting cycle and decision-making process. The figure
below presents the principal adoption indicators in Microsoft’s Al ecosystem
during fiscal year 2025:

Fig. (01): Adoption Indicators of Artificial Intelligence Platforms at Microsoft

(2025)
y N
<> A B - S
25,000 80% 230,000 20 million
Fabric of Copilot mllllon GitHub
Fortune Studio Power Copilot
500 Platform

Source: Microsoft. (2025). Annual Report 2025 (Form 10-K). Microsoft Corporation.
I11.2.1 Evaluation of the Organization’s Current Performance Results

At this stage, the role of the data and analytics layer comes to the forefront
as the point of departure, since performance indicators and dashboards are
reconstructed on the basis of unified and analytically prepared data. The
Microsoft Finance case provides direct quantitative evidence of this effect, as the
use of Microsoft Fabric reduced report-processing time by two-thirds (that is,
approximately 67% faster), enabled reports to be delivered five hours earlier, and
lowered data generation costs by 50%, with plans to expand to 50 additional
analytical scenarios (Microsoft Customer Stories, 2024).

This is consistent with the expanded adoption of Microsoft Fabric as a
unified data and analytics platform, which reached 25,000 paid customers,
according to the 2025 annual report (Microsoft, Annual Report 2025, 2025), as
illustrated in the following figure:
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Fig. (02): Performance Improvements in Microsoft’s Finance Team Using
Microsoft Fabric

Figure 2-3. Microsoft Finance: Improvements with Microsoft Fabric
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Source: Microsoft Customer Stories. Microsoft Finance Delivers Insights over 60% Faster with
Microsoft Fabric.

111.2.2. Examination and Evaluation of Strategic Leadership

At this stage, leadership assessment is not limited to the “technical”
dimension alone; rather, it concerns top management’s ability to govern adoption,
measure usage, direct improvement, and reduce risk. The measurement gap
appears clearly in the Work Trend Index 2025, which notes that increasing
demands are outpacing human capacity, thereby creating a need for Frontier
Firms that balance human capabilities with intelligent agents, while leaders
remain concerned about their inability to measure impact effectively (Microsoft,
Work Trend Index 2025: The Year the Frontier Firm Is Born, 2025).

From the perspective of tools, Viva Insights / Copilot Dashboard represents
a practical channel for converting this challenge into managerial indicators—
such as adoption metrics, usage patterns, and work-related impact signals—thus
serving this stage as a measurement lens that supports leadership decisions
regarding expansion, training, or process redesign (Microsoft Learn, Copilot
Analytics Introduction, 2025).

111.2.3 Analysis of the External Environment

This stage depends on transforming unstructured external signals—such as
market reports, competitor news, customer feedback, and social media posts—
into actionable knowledge, thereby facilitating the early detection of
opportunities and threats. Here, the models and services layer is integrated with
the analytics layer in order to aggregate signals and convert them into
competitive insights.

In practical terms, services such as Azure Al Search enable the construction
of enterprise-scale semantic retrieval and advanced RAG (Retrieval-Augmented
Generation) architectures for capturing knowledge from broad sources
(Microsoft Learn, Azure Al Documentation, 2025). Likewise, Azure Al
Language supports text analysis through tasks such as entity extraction, key-
phrase extraction, and sentiment analysis, all of which are highly suited to
deriving early indicators of market trends, customer opinions, and competitor
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movements from unstructured text.

Within the platform context, the FY25 report confirms that LinkedIn—with
more than 1.2 billion members—Ileverages data together with artificial
intelligence, especially intelligent agents, to transform professional activities
such as learning, selling, marketing, and recruiting, thereby generating Al-
supported insights into market and customer intelligence (Microsoft, Annual
Report 2025, 2025). This aligns closely with the notion that artificial intelligence
is reshaping the channels through which the external environment is sensed, as
these insights can be combined with Azure Al Search and Azure Al Language to
enable continuous competitive analysis and the early detection of opportunities
and threats.

111.2.4 Scanning the Internal Environment

The identification of strengths and weaknesses depends on the
organization’s ability to generate an accurate internal vision through reliable and
integrated data. Here, the data and analytics layer is integrated with the
governance and compliance layer. Microsoft operationalizes this through Fabric
+ OnelLake as a shared data layer extending across multiple sources and
supporting Power Bl semantic models as a foundation for enterprise Al
applications, thereby enabling the precise measurement of capabilities and
bottlenecks (Microsoft, Annual Report 2025, 2025).

To ensure that the results of internal diagnosis are suitable for strategic use
without risks of leakage or misuse, the governance and compliance layer
becomes particularly salient through Microsoft Purview, which provides
frameworks for securing Al applications, auditing data flows, preventing
unauthorized sharing, and protecting privacy (Microsoft Learn, Use Microsoft
Purview to Manage Data Security & Compliance for Al Agents, 2025).

111.2.5 SWOT Analysis and the Review of Mission/Objectives When Necessary

This stage represents the moment of strategic synthesis, as the results of
internal and external scanning are integrated into a leadership-oriented SWOT
narrative, with the possibility of revising the institutional mission and objectives
if the analysis reveals a major deviation or a transformative opportunity. Based
on Microsoft’s official reports up to FY25, the following may be identified:

« Strengths: a unified and scalable data platform (Microsoft Fabric +
OnelLake) that provides a robust foundation for Al applications, supported
by enterprise-scale Al modeling and operational capabilities (Azure Al
Foundry) that enable the construction of intelligent agents at scale.

o Weaknesses: persistent gaps in full adoption, impact measurement, and
employee skills, as highlighted by the Work Trend Index 2025, which
emphasizes the need for firms to overcome these barriers in order to
achieve the Frontier Firm model.
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« Opportunities: the accelerating spread of Al agents and the emergence of
the Frontier Firm model, which redefines productivity through deep
integration between humans and artificial intelligence, thereby opening
substantial avenues for market growth.

« Threats: growing risks related to privacy, regulatory compliance, and
model bias as Al applications are rapidly scaled, especially with the
proliferation of intelligent agents.

Azure Al Foundry supports this stage by providing a disciplined modeling
environment that incorporates Responsible Al safeguards, thereby helping to
translate SWOT findings into safe and responsible strategic initiatives (Microsoft,
Annual Report 2025, 2025).

111.2.6. Generation, Evaluation, and Selection of Strategic Alternatives

At this stage, generative Al adds value by expanding strategic alternatives
and speeding up evaluation, while Microsoft’s FY25 adoption figures—covering
Azure Al Foundry, Copilot Studio, and GitHub Copilot—show a clear shift from
manual option generation to faster, broader, Al-supported decision processes that
strengthen competitiveness (Microsoft, Annual Report 2025, 2025).

111.2.7 Implementation of the Selected Strategies

This stage depends on analytics and governance to ensure accountable Al-
supported control (Microsoft Learn, Data Security and Compliance Protections
for Microsoft 365 Copilot and Al Agents, 2025).

111.2.8. Evaluation and Monitoring of Implemented Strategies

This stage is especially critical because it involves strategic control and the
correction of deviations, requiring Al-supported decisions to remain transparent
and accountable. Its effectiveness depends on combining analytics with
governance through advanced dashboards, such as Copilot Dashboard and Viva
Insights, for performance measurement, and Microsoft Purview for data
protection, compliance, auditing, and risk management, particularly with the
expansion of Azure Al Foundry and Al agents in 2025 (Microsoft Learn, Data
Security and Compliance Protections for Microsoft 365 Copilot and Al Agents,
2025).

111.3 Measuring the Effectiveness of Al-Supported Strategic Decision-Making
in the Microsoft Case

This applied study measures the effectiveness of Al-supported strategic
decision-making through observable indicators, using published Microsoft-
related evidence to link each criterion to clear measures and supporting examples.
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Table (2): Indicators of the Effectiveness of Al-Supported Strategic Decision-
Making (Microsoft — 2025)

Criterion Indicator Published Evidence
Speed and | Reducing processing time, reporting | Published evidence shows major
Efficiency effort, and insight-generation costs turns | efficiency gains, with Microsoft Finance

time into a strategic asset that enables
faster, more proactive decision-making.

cutting processing time by about 67%,
delivering reports 5 hours earlier,
reducing costs by 50%, and Microsoft
365 Copilot saving time in research,
drafting, and document preparation.

Decision Quality
(through inputs)

Reducing inconsistency and duplication
of information in reports; improving the
reliability, accessibility, and clarity of
performance indicators (inputs);
unifying data; and enhancing the
readiness of insights for strategic use.
High-quality inputs, in turn, increase the
quality of potential outputs and improve
the consistency of decisions.

The Fabric transformation in finance
shows how unified platforms create a
Single Source of Truth by reducing
reporting time, improving consistency,
and enabling more reliable and timely
strategic decisions.

Breadth of | The broad adoption of Al across | Infrastructure: more than 25,000 paid
Adoption and | platforms and users shows that it has | customers for Microsoft Fabric; 80% of
Scale evolved from an experimental tool into a | Fortune 500 companies use Azure Al
core organizational capability embedded | Foundry. - Productivity and automation:
in strategic decision-making. 230,000 organizations use Copilot
Studio; more than 20 million developers
use GitHub Copilot; and Power Platform
has 56 million monthly active users

(27% growth).
Reduction of | The alignment between the | The Work Trend Index 2025 shows
Uncertainty and | organizational deployment of Al and | growing organizational readiness for Al,
Readiness for | expectations regarding the integration of | with leaders increasingly adopting Al
Change agents and strategic reconsideration | agents and treating 2025 as a turning

indicates a transformation in
organizational mindsets and institutional
readiness. This reduces organizational

uncertainty and creates a fertile
environment for converting rapid
insights  into  actionable  strategic
initiatives.

point toward the Frontier Firm model.

Interpretability,
Accountability,
and Governance

Compliance controls, data auditing, and
responsible Al requirements are essential
for ensuring that Al-supported decisions
remain  reliable, trustworthy, and
sustainable over time.

Microsoft Purview and the Responsible
Al Standard v2 strengthen governance
by preventing data leakage, enforcing
lifecycle safeguards, and enhancing trust
and accountability in Al use.

Source: Prepared by the two researchers based on the relevant literature.

According to the published 2025 evidence, the Microsoft case demonstrates
that the effectiveness of Al-supported strategic decision-making is most clearly
manifested in: the measurable reduction in the time required to generate insights
and reports; the expansion of adoption at both the platform and product levels;
and the existence of a published governance layer that preserves trust and
accountability at the institutional level. Accordingly, in this context, Al is not just
a technical support tool but a governed organizational capability. Microsoft
shows that its highest strategic value emerges when Al is embedded across the
institution to improve speed, clarity, and accountability in decision-making.
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IV. Conclusion

The study concludes that the effectiveness of artificial intelligence in
supporting strategic decision-making in the Microsoft case does not stem from an
isolated technological tool, but rather from an interconnected institutional
architecture that integrates the layers of data and analytics, models and services,
productivity and workflow, and governance and compliance within a unified
operational framework. Its core value is manifested in enhancing decision
readiness through accelerating the generation of insights, improving the quality
and consistency of information, and expanding the range of alternatives
presented for evaluation, thereby improving both the timeliness and the overall
quality of decision-making.

Nevertheless, this effectiveness remains contingent upon several critical
factors, most notably data quality, the maturity of governance frameworks, and
the organization’s capacity to manage adoption and organizational change. In
light of the methodological limitations associated with reliance on published
sources, the findings provide strong explanations of mechanisms and associations
rather than definitive causal proof. Accordingly, the study emphasizes the
importance of understanding strategic artificial intelligence as a comprehensive
organizational capability that strengthens human judgment and requires an
effective human—Al partnership within a framework of trust and accountability.

Based on the foregoing, the study recommends the following:

« Starting with data before models by building a unified source of truth and
harmonizing performance indicators.

« Implementing governance in parallel with scale-up to ensure privacy,
security, compliance, and accountability.

« Embedding artificial intelligence into actual decision points rather than
treating it as a marginal add-on.

« Enhancing human readiness through training in strategic question
formulation, critical verification, and risk management.

« Managing change gradually through limited-scope initiatives followed by
expansion based on measurable results.
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