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Abstract:

This study aims to examine the role of artificial intelligence in Combating
money laundering and evaluating its effectiveness in modern financial systems.
With the increasing complexity of financial transactions and the spread of
cryptocurrencies, traditional detection methods have become insufficient. The
study found that Al technologies, including machine learning, deep learning, and
pattern recognition systems, enhance the ability of financial institutions to
monitor suspicious transactions, predict risks accurately, reduce false alerts, and
improve compliance. However, these technologies face challenges related to
privacy, algorithmic bias, and lack of transparency, requiring clear regulatory
frameworks and integration of human expertise with automated analysis.

Key words: Artificial Intelligence, Money laundering Cryptocurrencies,
Financial oversight, International cooperation
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1 Ajagbe, S. A., Majola, S., & Mudali, P. (2025). Comparative analysis of machine learning
algorithms for money laundering detection. Discover Artificial Intelligence, 5, Article 144.
https://doi.org/10.1007/s44163-025-00397-4

2Yu, X., Xu, J., & Ke, Y. (2024). Deep learning for cross-border transaction anomaly detection in
anti-money laundering systems. arXiv preprint arXiv:2412.07027. https://arxiv.org/abs/2412.07027
3 McKinsey & Company. (2023). The fight against money laundering: Machine learning is a game
changer. https://www.mckinsey.com/capabilities/risk-and-resilience/our-insights/the-fight-against-
money-laundering-machine-learning-is-a-game-changer

“Rabdan Academy. (2024). Developing a scoring model for managing money laundering transactions
using machine learning. ResearchGate. https://www.researchgate.net/publication/390130271

5 Géron, A. Hands op cit , P 293
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! Qian Yu, Zhen Xu, Zong Ke, “Deep Learning for Cross-Border Transaction Anomaly Detection in
Anti-Money Laundering Systems,” arXiv preprint, Dec. 2024.

21 Emerald Insight, “Deploying artificial intelligence for anti-money laundering and asset recovery:
the dawn of a new era” (2023); Saif K. Aljunaid et al., “Secure and Transparent Banking: Explainable
Al-Driven Federated Learning Model for Financial Fraud Detection” (2025), Journal of Risk
Financial Management, p. 179.

3 Zhang, Y., Wang, H., & Li, X. (2025). Dynamic Reinforcement Learning for Suspicious Fund Flow
Detection: A Multi-layer Transaction Network Approach with Adaptive Strategy Optimization. ACE
Proceedings, EWA Direct. Retrieved from
https://www.ewadirect.com/proceedings/ace/article/view/21580
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1Jiao, M. (2023). Big Data Analytics for Anti-Money Laundering Compliance in the Banking Industry.
Highlights in Science, Engineering and Technology, Vol. 49, pp. 302-309.

2Xu, H., Yu, K., Wei, M., & Zhu, Y. (2024). Intelligent Anti-Money Laundering Transaction Pattern
Recognition System Based on Graph Neural Networks. Journal of Al-Powered Medical Innovations,
2(1), 93-108. Retrieved from https://japmi.org/index.php/japmi/article/view/12
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1S, Ahmed, M. Alshahrani, and F. Masood, “Hybrid GraphSAGE-LSTM Model for Anti-Money
Laundering”, International Journal of Advanced Computer Science and Applications (IJACSA), Vol.
16, No. 5, pp. 639-648, 2025. DOI: 10.14569/1JACSA.2025.0160578
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3Reserve Bank of India (RBI), Guidelines on e-KYC and Aadhaar Authentication in Banking, New
Delhi, 2020, p. 18.
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! European Banking Authority (EBA), Big Data and Advanced Analytics, Final Report, January 2020,
p. 22.

2 Financial Conduct Authority (FCA), Financial Crime TechSprint Report, London, 2019, p. 34.

3 European Parliament, The Danske Bank Money Laundering Scandal: Case Study, Brussels, 2019,

p. 7.
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! Deloitte, Al in Anti-Money Laundering: Enhancing Transaction Monitoring with Machine
Learning, 2020, p. 14.

2 Basel Institute on Governance, Artificial Intelligence and Machine Learning in Anti-Money
Laundering Compliance, Working Paper, 2019, p. 22.

3 Zdanovic, M., Al Applications in Fraud Detection and Money Laundering Prevention, Journal of
Financial Crime, Vol. 28, No. 4, 2021, p. 1035.
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1 Veale, M. & Edwards, L., Clarity, Surprises, and Further Questions in the Article 22 GDPR Right
to Human Intervention, Human Rights Law Review, 2018, p. 49.

278-262 o 2026 Liw 01 sue 63 ilzo 1 552l dasls @gadl
3 Bryson, J., The Ethical Challenges of Artificial Intelligence, in: Oxford Handbook of Al Ethics,
Oxford University Press, 2020, p. 112.
4 Accenture, Realizing the Value of Al for Financial Institutions: Overcoming Implementation
Challenges, 2021, p. 27.
% Barocas, S., Hardt, M., & Narayanan, A., Fairness and Machine Learning, MIT Press, 2019, p. 76.
® OECD, Al in Society: Addressing Transparency and Accountability in Financial Technologies,
Paris, 2022, p. 34.
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