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i Abstract:
E This study aimed to explain the impact of Al-based product recommendation systems on consumer :
purchase intentions from the perspective of AliExpress users, this was achieved by highlighting the :
i combined impact of the Al-based recommendation system dimensions: accuracy, diversity, interpretability, :
i privacy, and security, to achieve the study's objectives, we adopted a descriptive analytical approach, we
i also used a questionnaire as a data collection tool, which was distributed to 102 users of AliExpress
Algeria, residing in the city of Jijel. To test the study's hypotheses, we relied on the SPSS program to
i analyze the study data.
One of the most important findings of the study is that the Al-based product recommendation system, :
¢ with its four combined dimensions (accuracy, diversity, interpretability, privacy, and security), has a i
i positive and direct impact on AliExpress users' purchase intentions. The study concluded that Al-based :
i product recommendation systems play a crucial role in shaping the preferences of global e-commerce users
i and enhancing their purchasing decisions, which helps enhance their satisfaction and trust in these sites. :
i The study recommended the use of multi-objective Al models to ensure the creation of more accurate and
i balanced recommendations that combine novelty and non-repetition. These recommendations should be
i accompanied by personalized and transparent explanations, while ensuring the security and privacy of user :
i data. This, in turn, can enhance purchasing intentions and, consequently, increase user satisfaction. :

§Keyvvords: Recommendation system, Artificial Intelligence, Purchase Intent, Global Websites,§
i Explainability :
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