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Abstract: :

: This study aims to attempt conducting a comparison between the results of manual, automatic and
i semi-automatic approaches to determine the optimal orders of ARIMA model for monthly inflation rate :
i fluctuations in Algeria, using monthly data extending from 1990 to 2020 through time series analysis
i method. :
The results of the study showed superiority of the manual approach in determining the optimal orders
i of the ARIMA model over the automatic and semi-automatic approaches based on the statistical :
i characteristics of the model and its predictive quality. On the contrary, the two types of the automatic '
i approach showed their inability to trespass the stage of statistical quality tests. :

Key words: inflation rate, manual approach, automatic approach, forecasting.
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