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ABSTRACT

This paper aims to identify the bets of applying Al to predicting crime within of policing
The state-of-the-art technology has increased reliance on the use of Al in the field of crime
control. This is due to the significant technological developments identified in the field of
automated media and algorithms The use of artificial intelligence has posed many problems in
terms of their reliance on policing, , so the most important of these problems that have been
raised about the uses of Al in policing will be addressed
Keywords: Artificial intelligence; Automated learning; Deep learning; Algorithms; Crime.
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