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Abstract:

This study presents an intelligent machine learning model based on the Random Forest
algorithm, one of the most significant supervised learning algorithms and a key branch of artificial
intelligence. The algorithm is widely used in various financial and economic applications. This paper
focuses on deploying the model as an interactive platform in real-world environments, serving as a
system for credit card fraud detection to facilitate its use in financial institutions.

In addition to its crucial role in these vital institutions, the model can also serve as an effective
tool for security and intelligence agencies in identifying fraudsters and criminals who exploit financial
systems for illicit purposes. The findings highlight the key variables as features importance, that
contribute to data analysis and fraud pattern detection, thereby enhancing financial security and
protecting the national economy from criminal threats.

Keywords: Random Forest Algorithm, Credit Card, Fraud Detection.
JEL Classification: C45 «G28.
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