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Abstract:

This study aims to estimate the bank loan risk in Algerian banks and make the right lending
decision using scoring logistic regression models. To achieve this, we formed a database of financial
ratios and qualitative variables for 100 of borrowing institutions From the CPA bank, this sample
divided into 50 good Borrower institutions and 50 other bad borrower institutions.

The results of the study showed that the LR had shown an accuracy in classification at 96%, which
would help Algerian banks to predict credit risks and make wise and speed lending's decision more
than the classic models, but these modern approaches require robust technologies devices and
quantitative and statistical methods.
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Tests composites des coefficients du modéle
Khi-deux ddl Sig.
Pas 1 Pas | 16,059 1 ,000
Bloc | 129,695 5 ,000
Modele | 129,695 5 ,000
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Variables de I'équation
B E.S Wald ddl Sig. Exp(B)
Pas 1 X6 -20,326 14,164 2,059 1 ,151 ,000
X14 -7,235 4,848 2,227 1 ,136 ,001
X15 1,146 ,605 3,583 1 ,058 3,145
X16 ,964 ,586 2,707 1 ,100 2,623
X17 1257164734909,3
27,860 24,752 1,267 1 ,260 0
Constante -13,962 11,190 1,557 1 212 ,000
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Tests composites des coefficients du modéle
Khi-deux ddl Sig.
Pas 1 Pas 7,474 1 ,006
Bloc 53,665 3 ,000
Modeéle 53,665 3 ,000
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Variables de I'équation
B E.S Wald ddl Sig. Exp(B)
Pasl Y1 1,089 ,244 19,859 1 ,000 2,972
Y4 ,952 ,366 6,779 1 ,009 2,592
Y5 1,134 ,393 8,301 1 ,004 3,107
Constante -4,452 1,033 18,557 1 ,000 ,012
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Tests composites des coefficients du modéle

Khi-deux ddl Sig.
Pas 1 Pas 119,909 4 ,000
Bloc 119,909 4 ,000
Modeéle 119,909 4 ,000
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Variables de I'équation

B E.S Wald ddl Sig. Exp(B)
Pas X6 -6,513 3,122 4,351 1 ,037 ,001
1 x5 ,993 ,504 3,889 1 ,049 2,700
X17 9,379 5,016 3,496 1 ,062 | 11834,830
Y1 2,047 ,867 5,577 1 ,018 7,741
Constante -8,626 4,081 4,467 1 ,035 ,000
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