| 351-334 . - | N° 01 suadl | Vol. 13 il | Finance & Markets Journal | Blgu¥! & AJUI dUza

aYed dnolatl wlousl 8,151 ‘3 EANPEA R ES] S;LASJ'.:}:.LI Geead| eladd) Slaedas
Nﬂ' 2 -
Deep Learning Applications to Enhance Decision-Making Efficiency in the

University Services Administration of Mostaganem

2 1 :
gl Oy o ez b
Naer Iaredjl, Ben Zidane Hadj2
laredjénaer@gmail.com  ¢ailaiue daals !

ben_zidane@live. fr ¢ailaiue dadla >

2026/03/21 <l g6 2026/03/ 06 :Jsdll za)li 2026/02/28 D) &y )G

Lol 351591 8 Sl 3t 35S 5355 § daeall latll clindas pluiial 595 g J) Auball sda Gugr yadcle
Lnaldl alBY) e Aige § omniiiadl amy ae Ablie e sleze¥ly ubeall aimgll gall plusial (LY 2nelsl]
Leasz Ones 9 cBuraladl lonzedl usad il (o Geead) elasdl Slagdas olaseial oF J) Al cdiosioe @iliiuws 290
a0 bl susany cplad died) 9o Jlall eulall 85039 4o sl b @ Aumalll cls¥) @ 5La1u¥ls @M gl LUt 51979
e ol Baglaie Jeads s (30 (Bimyally oLkl oo Aulosdl Jeniiy ¢dig AW lawndadll alasinl pes o O3ledll 3l
Bead ) Analoel) Bulootiel] 2,151 belasll Alocms o g3
Gl ool Hgady clalas Apaaldl ciloasdl B)laY1  uaadl @latll cilaglat :a lide ol
Abstract: This study aims to clarify the role of deep learning applications in enhancing decision-making efficiency in
university residence management, using a descriptive analytical approach based on interviews with some users in a
sample of university residences in Mostaganem. The study concluded that the use of deep learning applications would
enhance university services, improve their quality, and provide students with a suitable and stable environment in
university residences, towards digitizing the sector, strengthening regulatory bodies, and striking a balance between
supporting the use of electronic applications and activating protection against risks and piracy through the
implementation of a strong cybersecurity system that protects digital university administrative and service transactions.
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Source: T, A, & Kumar, R. (2018). Insight into Applications of Deep Learning.
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Lyle¥ w13 Ll wusil (Classification/Regression): ¢ gy —alias z3k v
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import numpy as np
import pandas as pd
from sklearn.model_selection import train_test_split
from sklearn.preprocessing import StandardScaler, LabelEncoder
from tensorflow keras.models import Sequential
from tensorflow keras.layers import Dense
(CSV) cake § wililey ey o 81 Silibeddl jazes 2.7
data = pd.read_csv('student_services_data.csv') &Gledl 3¢1,8
print(data.head()) wLldl pany (oye
okl izl ¢ peadl Joodd sl el gl il Ba ! paally Asall Sl sl pases
(ol palall sucy
(Ral3] plals « J55) Zugllall Aeutsdl 33 30 ot il
features = ['age’, 'gender’, 'location’, 'num_classes']
target = 'service_need'
label_encoders = {} diaimddl ULl 0,5 @ Ulldl dxllas
for colin ['gender’, 'location’]:
le = LabelEncoder()
data[col] = le fit_transform(data[col])
label_encoders[col] =le
target_le = LabelEncoder() cdu ! yazll .5
data[target] = target_le fit_transform(data[target])
X = data[features].values
y = data[target].values
Dby copus ) S bled) spuas
X_train, X_test, y_train, y_test = train_test_split(X,y, test_size=0.2, random_state=42)
scaler = StandardScaler() LLd! L3
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X_train = scaler fit_transform(X_train)

X_test = scaler.transform(X_test)

Kerasalasiwl 7390l ¢liy 3.7

model = Sequential()

model.add(Dense(64, activation="relu’, input_shape=(X_train.shape[1],)))
model.add(Dense(32, activation="relu’))

e caiyadl model.add(Dense(len(target_le.classes_), activation='softmax'))
NEIERY

model.compile(optimizer:'adam',

loss="sparse_categorical_crossentropy’,

metrics=['accuracy'])

739l cuy5 4.7

history = model.fit(X_train, y_train, epochs=50, batch_size=16, validation_split=0.2)
739! pusds 5.7

loss, accuracy = model.evaluate(X_test, y_test)

print(f'Accuracy: {accuracy*100:.2f}%")

lall s cdbs e Jle 2 gudild 7z 390l pfiein! 6.7

new_student = np.array([[20, label_encoders['gender'].transform(['Male'])[0],
label_encoders['location'].transform(['Campus A'])[0],

Slpslell sae cadell ¢ izl ¢ 0e5]])

new_student_scaled = scaler.transform(new_student) Lebg=io mbiledl olid
prediction = model.predict(new_student_scaled) §i|

service_index = np.argmax(prediction)

service_type = target_le.inverse_transform([service_index])

:{service_type[0]})Lsllall et iprint(f

US| ILATE UL SR PS- PR PR TP ES [JUAPIES | TR RLA TN E St
OS5y cdalaill aeg Aalaill SLLl 7 sernd dmimiall a0 gudas U (0
& Lyasx Sl ) 6ol Geand) @latll § anpadl puailld (daud Capay o Sbldl @la
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