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Abstract:
Artificial intelligence is transforming mental health as a tool for early diagnosis

and prevention. This study explores AI’s ability to monitor behavioral and biological
indicators and build predictive models. It highlights the role of machine learning and
language technologies in personalized diagnosis and treatment. Results show that Al
improves prevention through risk prediction, tailored programs, and continuous
monitoring. However, challenges remain in privacy, algorithmic bias, and missing
ethical frameworks. The study concludes that Al enables a shift toward a preventive,
predictive model when applied ethically and humanely.

Keywords: Artificial Intelligence; Early Diagnosis; Machine Learning; Mental Health;
Prevention.
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