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Abstract:  

 This theoretical study aims to highlight the role of big data in enhancing knowledge 

management within modern organizations. It reviews the fundamental concepts of big 

data and knowledge management (both tacit and explicit) focusing on their points of 

integration, particularly across the stages of the knowledge management cycle: 

acquisition, storage, sharing, and application. The study further demonstrates how 

advanced analytics and artificial intelligence contribute to transforming data into 

actionable knowledge. It outlines the opportunities this integration offers in supporting 

decision-making and fostering innovation, while also addressing key challenges related 

to infrastructure, skills, privacy, and cost. The study proposes a preliminary conceptual 

model and offers practical recommendations for organizations as well as directions for 

future research.  
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I. INTRODUCTION 

In today’s digital era, knowledge has become one of the most valuable strategic assets for 

organizations. It is the core resource for achieving competitive advantage, enhancing operational 

efficiency, and fostering sustainable innovation. With the continued rise of the knowledge 

economy, physical assets alone are no longer sufficient for organizational survival. Instead, 

knowledge management has become an essential imperative driven by the rapid changes in 

business environments and the exponential growth of information. 

In this context, big data technologies have emerged as a crucial element in accelerating the 

digital transformation process, thanks to their ability to absorb and process vast and diverse 

amounts of data that flow continuously from various sources. Big data is characterized by five 

essential characteristics: large volume, high flow and processing speed, diversity in formats and 

sources, reliability or quality, and inherent value. These characteristics enable organizations to 

analyze user behavior, discover hidden patterns, and predict future trends, enhancing their ability 

to make effective strategic decisions and achieve innovation and renewal in their operating 

models. 

By leveraging big data analytics technologies, it becomes possible to transform raw data 

into meaningful information, and then into knowledge that can be employed within the 

organizational context. This process contributes to enhancing the management of both types of 

knowledge: explicit and tacit, by supporting the various stages of the knowledge management 

cycle, which include knowledge acquisition, organization, sharing, and effective application. 

This results in a close, complementary relationship between big data and knowledge 

management, as data capabilities contribute to developing the organization's knowledge capital, 

enhancing its ability to adapt to changes, and supporting innovation in highly complex and 

competitive work environments. 

1. Study Problem and Objectives:  

1.1. Problem Statement: 

In the context of accelerating digital transformation and the growing significance of 

knowledge as a strategic asset, there is an urgent need to leverage big data technologies to enhance 

knowledge management in organizations. Accordingly, this study seeks to answer the following 

central question: 

What role can big data technologies play in enhancing knowledge management within 

organizations? 

1.2. Sub-questions: 

1. What is meant by big data? What are its most prominent characteristics and functions? 

2. What is the concept of knowledge management? What is its importance in supporting 

organizational performance and achieving competitive advantage? 

3. What is the relationship between big data and knowledge management? 

4. How can data be transformed into actionable knowledge? 

5. How can big data technologies be used to support the stages of the knowledge management 

cycle within an organization? 

5. What is the nature of the potential integration between big data and knowledge management? 

6. What challenges might organizations face in using big data to develop knowledge 

management? 

7. What opportunities do big data technologies provide to enhance innovation and develop and 

support knowledge management? 

1.3. Objectives of the Study: 

This theoretical study aims to: 

• Clarify the core concepts of both big data and knowledge management. 

• Analyze the dynamics and interaction between big data and knowledge management. 
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• Highlight successful applications and practices in the field. 

• Present the opportunities and challenges faced by organizations in using big data for 

knowledge purposes. 

• Offer a forward-looking vision for the integration between the two domains. 

2. Significance of the Study: 

 The significance of the study lies in the growing role of big data in decision-making and 

knowledge generation. The study also contributes to bridging a theoretical gap in the Arabic 

literature by analytically linking two integrated knowledge domains. This study is particularly 

important in supporting decision-makers and researchers in understanding how to employ big data 

to enhance intellectual capital. 

3. Study Methodology: 

This study adopts the descriptive-analytical approach, as it is most appropriate for the 

nature of the subject. This approach gathers information from multiple theoretical sources and 

analyzes it critically to understand the basic concepts of both big data and knowledge 

management, and to clarify the dimensions of the relationship between them. The method's tools 

include an analysis of scientific literature and previous relevant research, which allows for 

tracking the development of concepts and identifying areas of overlap and integration between 

the two fields. This approach also aims to build a forward-looking vision on how big data can be 

used to support knowledge management processes, and to review the associated challenges and 

opportunities. 

4. Previous Studies 

Reviewing prior literature is a fundamental component of theoretical research, as it helps 

identify knowledge trends and reveal underexplored gaps. Accordingly, this study presents a 

concise overview of selected Arabic and international studies addressing the integration of big 

data and knowledge management. It compares and contrasts their findings and contributions and 

concludes by highlighting this study’s unique theoretical and exploratory value in advancing the 

understanding of this integration. 

Study 01: The reality of knowledge management in the Electricity and Gas 

Distribution Company in western Oran (Barkan & Bochenek, 2022). 

The article discusses the reality of knowledge management in the Electricity and Gas 

Distribution Company in western Oran, highlighting the extent to which the organization adopts 

the four stages of knowledge management: acquisition, storage, distribution, and application. The 

study showed that the organization implements all these stages, with greater emphasis on 

knowledge application. The authors recommend that other Algerian institutions give equal 

attention to all knowledge management stages due to their critical role in organizational 

sustainability. The findings confirm that strengthening these processes contributes to achieving 

institutional goals and improving performance. 

Study 02: The role of knowledge management processes in supporting digital 

transformation in business organizations (Beedy, 2024). 

The article examines the role of knowledge management processes in supporting the 

success of digital transformation in business organizations, focusing on the interaction between 

knowledge and digital technologies. It highlights that the four knowledge management processes 

(acquisition, storage, distribution, and application) are effective tools for ensuring integration with 

digital transformation and achieving its goals. The findings indicate that knowledge is not merely 

a resource, but rather the foundation for innovation and sustainability in modern business 

environments. The researcher recommends adopting these processes as part of an organizational 

strategy to ensure competitiveness in the digital economy. 
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Study 03: The intersection between big data and knowledge management in the oil 

and gas sector (Sumbal, Tsui, & See-to, 2017). 

This article explores the intersection between big data and knowledge management in the 

oil and gas sector. It concludes that combining predictive insights from big data with employees’ 

tacit knowledge enhances decision-making and performance. Through interviews with industry 

experts, the article highlights how big data integrates with knowledge management practices 

rather than obstructing them  

Study 04: A comparative study of big data-based knowledge management and 

traditional approaches (Sumbal et al., 2021). 

This study compares big data-based knowledge management with traditional approaches 

from the perspectives of people, processes, and technology. It emphasizes how big data enables 

predictive knowledge generation, which, when combined with expert insights, can enhance 

decision-making and value creation. Using case studies from the oil and gas sector, the article 

illustrates how integrating data analytics into KM processes transforms organizational 

performance  

Study 05: Big data as a technological enabler for knowledge management (Tian, 2017). 

This study examines how big data serves as a technological enabler rather than a 

replacement for traditional knowledge management. It stresses the need for alignment between 

big data tools, organizational strategy, culture, and human judgment. Ultimately, the article argues 

that traditional KM concepts remain essential in converting big data into valuable insights. 

4.1. Points of Similarity and Difference: 

4.1.1. Points of Similarity : 

Previous studies, both Arabic and international, have shown a remarkable alignment with the 

current study on several key aspects. 

First: all studies emphasized the importance of the four core knowledge management 

(KM) processes: acquisition, storage, distribution, and application, viewing them as a central 

analytical framework. The current study has adopted these processes as the foundation for 

analyzing the relationship between KM and big data technologies. 

Second: studies such as (Sumbal, Tsui, & See-to, 2017; Sumbal et al., 2021; Tian, 2017) agree 

that big data is not a replacement for KM but rather an effective enabler. It provides advanced 

analytical capabilities that support decision-making and enhance organizational performance an 

idea also embraced by the present study. 

Third: the studies especially (Sumbal et al., 2021; Tian, 2017) highlight the importance of 

integrating the human dimension (e.g., expertise and tacit knowledge) with the technological 

dimension (e.g., analytical and storage tools). This is a direction reinforced by the current study, 

which links the deployment of big data to the organizational and cultural context of KM. 

4.1.2. Points of Difference: 

Despite the areas of agreement between previous studies and the current one, there are 

several differences that distinguish them in terms of methodology, scope, and analytical context. 

In terms of scope and methodology: most international studies, such as those by (Sumbal, 

Tsui, & See-to, 2017; Sumbal et al., 2021), focused on field case studies within specific industrial 

sectors such as oil and gas. In contrast, the current study adopts a theoretical analytical approach 

aimed at constructing a comprehensive conceptual framework without being confined to a 

specific case. 

From an analytical perspective: previous studies explored the relationship between big data 

and knowledge management from a functional and applied angle, emphasizing performance 

enhancement and decision support. Meanwhile, the current study seeks to examine the 

methodological and conceptual dimensions of that relationship more deeply. Moreover, the 

geographic context differs: while most prior research was conducted in international 
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environments or in economically-driven business organizations, the current study aims to build a 

theoretical vision that could later be applied within the Arab context particularly in knowledge-

based and academic institutions. 

Additionally, the current study attempts to bridge the gap between theory and practice by offering 

a comprehensive treatment of the relationship between big data and knowledge management an 

aspect that has not been sufficiently addressed in earlier literature. 

The comparison reveals a consensus on the positive role of big data in enhancing knowledge 

management; however, there are clear gaps in practical application and infrastructure within Arab 

countries, compared to Western studies that emphasize advanced analytical capabilities. 

The current study also highlights the need to develop human competencies capable of effectively 

engaging with these emerging technologies. 

4.1.3. Contribution of the Current Study : 

What distinguishes this study from previous ones includes: 

1. The integration of big data with the four stages of knowledge management (acquisition, 

storage, sharing, and utilization) in a systematically connected way that is largely absent 

in most Arab studies. 

2. A comprehensive presentation of opportunities and challenges, supported by a detailed 

analysis of the technical and functional characteristics of big data. 

3. An emphasis on the role of artificial intelligence and advanced analytics in transforming 

data into actionable knowledge within organizations. 

4. Demonstrating how big data analytics can contribute to each phase of the knowledge 

cycle and how each stage feeds into the others, creating a continuous loop of learning 

and improvement. 

4.Definition of Terms: 

• Big Data: Extremely large and complex datasets that cannot be managed or analyzed 

using traditional tools. These datasets are characterized by volume, velocity, variety, and 

value, and are explored using advanced analytics to extract patterns and insights. 

• Knowledge Management (KM): A systematic process of collecting, organizing, storing, 

sharing, and applying knowledge to support institutional goals and improve performance. It 

encompasses both explicit knowledge (documented) and tacit knowledge (experiential). 

• Knowledge Analytics: AI-driven analytical applications that extract insights from data by 

understanding context, identifying complex relationships, and mimicking human cognitive 

processes in interpreting information. 

• Data Science: An interdisciplinary field combining statistics, programming, and machine 

learning to extract knowledge from data, through its analysis, modeling, and interpretation 

to support data-driven decision-making. 

II. The Conceptual Framework of Knowledge Management  : 

1. Definition of Knowledge Management 

Knowledge management is defined as “a systematic process of acquiring, organizing, 

storing, sharing, and applying knowledge to support organizational goals” (Wig, 1997). Nonaka 

& Takeuchi (1995) define it as: "The process by which organizational knowledge is generated 

through the dynamic interaction of tacit and explicit knowledge." 

The researcher views knowledge management as a strategic and integrated process that 

aims to identify the knowledge available within an organization whether tacit or explicit and 

organize, store, share, and utilize it to achieve organizational goals. It goes beyond simply 

collecting information to include building an organizational, technical, and cultural environment 

that stimulates innovation and enhances the organization's ability to adapt and make more 
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effective decisions in a dynamic and complex work environment. 

The researcher tends to view knowledge management as a pivotal link between human and 

technical capital, contributing to the transformation of knowledge into a sustainable competitive 

resource that enhances performance and generates long-term value. 

It aims to enhance efficiency and innovation by leveraging the tacit and explicit knowledge 

assets available within the organization. 

2. Components of Knowledge Management 

Knowledge management (KM) is an integrated system consisting of a set of essential 

components that enable organizations to acquire, store, transfer, and apply knowledge efficiently 

and effectively. Various classifications have been developed regarding the components of 

knowledge management, but most of the literature agrees on the following elements: 

1. People  :The human element is considered one of the most important components of 

knowledge management, as it is the primary source of knowledge generation and exchange. 

The success of knowledge management depends on the willingness of individuals to 

participate and on the organization's culture that encourages learning and collaboration. 

Wiig notes that individuals are the primary actors in transforming knowledge from its tacit 

to its explicit form (Wiig, 1997). 

2.  Processes: These are the systematic processes that regulate the flow of knowledge within 

an organization, including knowledge generation, acquisition, organization, storage, 

sharing, and application. The Probst model is a reference model that defines these processes 

sequentially and interactively (Probst, Raub, & Romhardt, 2000). 

3. Technology: Technological tools are used to facilitate the collection, storage, retrieval, and 

distribution of knowledge. This includes databases, content management systems, decision 

support systems, and artificial intelligence technologies. Studies confirm that technology is 

a key enabler but is insufficient on its own without behavioral and organizational support 

(Alavi & Leidner, 2001). 

4. Knowledge Content: Refers to the content of knowledge itself, whether explicit (e.g., 

documents, reports, manuals) or tacit (e.g., skills, experiences). Effective content 

management requires clear categorization, regular updating, and linking to the context of 

practical use (Nonaka & Takeuchi, 1995). 

5. Organizational Culture: Organizational culture forms the framework that determines 

individuals' behavior toward knowledge, in terms of sharing, learning, and collaboration. A 

culture that encourages knowledge sharing is a motivating factor for knowledge 

management, while cultures characterized by monopoly and hierarchy hinder it (Davenport 

& Prusak, 1998) 

6. Organizational Structure  :Organizational structure contributes to either supporting or 

hindering the flow of knowledge. Flexible structures, based on teams and networks, 

facilitate knowledge sharing compared to rigid bureaucratic structures (Gold, Malhotra, & 

Segars, 2001). 

3. Types of Knowledge Management 

Knowledge management varies depending on the perspective from which it is studied, 

whether in terms of the nature of the knowledge, the method of managing it, or the purpose of its 

use. The following are the most important types classified in the academic literature: 

3.1. Tacit Knowledge Management 

This includes the management of tacit knowledge acquired through personal experience 

and practice, which is difficult to document or express directly. This type focuses on stimulating 

human interaction, observational learning, and direct guidance. Nonaka is one of the most 



Hafi djilani  , Pr. Boucheta Rahmouna  

 

 

105 

prominent figures who addressed this knowledge within the SECI model of knowledge transfer 

(Nonaka & Takeuchi, 1995). 

3.2. Explicit Knowledge Management 

This specializes in the management of knowledge that is documentable and transferable, 

such as reports, documents, manuals, and procedures. This type uses electronic knowledge 

management systems and databases to store, organize, and retrieve knowledge (Alavi & Leidner, 

2001). 

3.3. Strategic Knowledge Management 

Focuses on aligning knowledge management with the organization's strategic objectives, 

such as improving competitiveness, achieving organizational excellence, and innovation. Zack 

emphasizes that knowledge management should be employed to serve strategy, not as a 

standalone goal (Zack, 1999). 

3.4. Operational Knowledge Management 

Concerned with supporting daily activities and executive decisions, such as managing 

processes, improving efficiency, and addressing recurring problems. Tools such as workbooks, 

decision support applications, and expert systems are used here (Davenport & Prusak, 1998). 

3.5. Enterprise Knowledge Management 

Applied at the organization-wide level, it includes the infrastructure, culture, technologies, 

and processes necessary to facilitate the production and circulation of knowledge across all units 

and departments (Wiig, 1997). 

4. Knowledge management processes 

A set of systematic steps or activities aimed at generating, organizing, storing, sharing, and 

using knowledge within organizations to achieve their strategic objectives. Theoretical models 

addressing these processes vary, but most agree on the existence of basic stages that represent a 

cycle. Knowledge Lifecycle. 

Knowledge management includes several interconnected processes aimed at ensuring the efficient 

flow of knowledge within an organization. The main processes include (Alawi and Leidner, 

2001): 

4.1. Knowledge Creation 

This is the process of producing new knowledge within an organization, either through 

research and development, learning from experience, interactions with customers and suppliers, 

or organizational innovation. 

According to (Nonaka & Takeuchi, 1995), knowledge generation occurs through the interaction of 

explicit and tacit knowledge in what is known as the "SECI Model." 

4.2. Knowledge Acquisition 

This is the process of acquiring knowledge from external sources, such as partnerships, 

competitors, databases, consulting, or new hires. 

Probst et al., 2000, indicate that acquisition represents the entry point for new knowledge into the 

organization and is often combined with organizational learning. 

4.3. Knowledge Organization 

This refers to the categorization of acquired or generated knowledge and its connection to 

context. The appropriate approach, and identifying the relationships between them to facilitate 

access and understanding. 

Effective knowledge organization contributes to building a "knowledge information architecture" 

that supports decision-making (Dalkir, 2011). 

4.4. Knowledge Storage 

This refers to preserving knowledge in a way that enables its subsequent retrieval. This 

includes storing it in databases, documents, or even in the minds of individuals. 
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Alavi & Leidner, 2001, distinguish between technical storage (such as knowledge repositories) 

and human storage (such as experts). 

4.5. Knowledge Sharing 

This is the process of exchanging knowledge between individuals or teams within an 

organization, whether through formal channels (such as training courses) or informal channels 

(such as personal communication). 

Sharing is the core of knowledge management, and its success depends on a supportive 

organizational culture (Ipe, 2003). 

4.6. Knowledge Application 

This refers to using available knowledge to solve problems, support decisions, improve 

processes, and create new products or services. 

Gold et al., (2001) concluded that the effective application of knowledge is the true indicator of 

the value of knowledge management within an organization. 

4.7. Knowledge Evaluation 

This is the stage of examining the effectiveness and validity of the knowledge used and 

measuring its impact on improving organizational performance. 

Evaluation requires the use of quantitative and qualitative indicators to assess the added value of 

knowledge (Jennex & Olfman, 2006). 

These processes form a continuous cycle, with each stage reinforcing the others. 

5.Knowledge Management Models: 

Numerous theoretical models have been developed to organize knowledge management 

processes and explain its mechanisms within organizations. These models vary in their 

philosophical backgrounds (social, technical, and organizational), but most share the goal of 

maximizing the use of knowledge assets within organizations. The most prominent of these 

models are: 

5.1. Wiig's Model (1993): 

This model focuses on the use of knowledge as a tool for achieving organizational 

efficiency and performance excellence. It is based on three basic processes: 

• Building knowledge by generating or acquiring it from internal or external sources. 

• Acquiring knowledge by organizing and storing it in a way that makes it available when 

needed. 

•  Using knowledge by actually employing it in decision-making, problem-solving, and 

process improvement. 

This model is distinguished by its focus on the applied aspect of knowledge, in terms of its 

practical investment in supporting organizational performance, rather than merely accumulating 

or distributing it. 

5.2.  The Spiral Model (SECI Model) Nonaka & Takeuchi (1995): 

This model is one of the basic models of organizational knowledge creation theory. It is 

based on the continuous interaction between tacit and explicit knowledge and focuses on 

knowledge creation rather than its technical management. It is suitable for environments that rely 

on innovation and collective learning. The model proposes four processes that constitute the 

knowledge transformation cycle: 

• Social internalization, which is the transfer of tacit knowledge through direct interaction 

(such as professional mentoring). 

• Externalization, which is the transformation of tacit knowledge into explicit knowledge 

(such as codification and documentation). 

• Synthesis, which is the integration of different types of explicit knowledge to produce new 

knowledge. 
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• Internalization, which is the absorption of explicit knowledge and its transformation into 

tacit knowledge through learning. 

5.3. Probst et al.'s (2000) Integrated European Model: 

 This comprehensive applied model provides a functional vision of knowledge 

management processes within an organization. It includes eight interrelated processes: 

Defining knowledge objectives, identifying available knowledge, acquiring and developing it, 

distributing it, using it, preserving it, and finally evaluating it. This model is characterized by its 

focus on the strategic aspect of knowledge management and provides a tool for guiding policies 

and achieving a balance between knowledge accumulation and effective use. 

5.4. Dalker's Knowledge Lifecycle Model (2011): 

This model is based on a circular concept of knowledge management, combining human 

and technological approaches. It includes three main stages: 

• Acquisition or Generation: Gathering knowledge from internal and external sources. 

• Coding and Storage: Organizing and documenting knowledge in databases or systems. 

• Sharing and Application: Disseminating knowledge and using it in daily tasks and 

decision-making. 

This model is characterized by its practical simplicity and suitability for organizations that rely 

on digital and technological solutions in knowledge management. 

6.The Importance of Knowledge Management in Organizations: 

Knowledge management plays a pivotal role in enhancing organizational performance 

through: 

• Improving the quality of decision-making by leveraging accumulated knowledge. 

• Accelerating innovation by reusing acquired knowledge. 

• Preserving institutional knowledge during employee turnover or retirement. 

• Supporting training and continuous organizational learning. 

• Increasing efficiency and reducing redundancy in work processes. 

As Davenport and Prusak (1998) pointed out, “Organizations that fail to manage their 

knowledge risk losing their competitive edge” (Davenport & Prusak, 1998). 

III. Big data : 

1. Definition of Big Data: 

Big data refers to massive and complex data sets that exceed the capacity of traditional data 

management tools to process, analyze, and store efficiently and in real time. This concept 

encompasses not only the volume of data but also its variety and speed of generation, as well as 

its potential to support prediction and decision-making (Laney, 2001). 

Gartner defined big data as: "Information assets characterized by high volume, high 

velocity, and diversity, requiring innovative processing models to enable improved 

understanding, decision-making, and operational improvement" (Gartner, 2011). 

It can be defined as massive and diverse sets of digital data generated and processed at high 

speeds, requiring advanced analytical tools to extract accurate cognitive patterns used to support 

decision-making within organizations. This includes both structured and unstructured data 

generated from various digital interactions, such as user databases, transaction records, social 

media, and open sources. This demonstrates that the true value of big data lies not only in its 

technical characteristics, but also in its ability to transform vast amounts of fragmented 

information into actionable knowledge, enhancing organizations' ability to make data-driven 

decisions. It's worth noting that the definition of big data may vary from one organization to 
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another depending on the application area, the desired objectives of the analysis, and the nature 

of the available data. 

2.Characteristics of Big Data 

Big data differs from traditional data by several fundamental characteristics, commonly 

known as the "Vs" which form the basic framework for understanding its nature and complexity. 

These characteristics are as follows: 

1. Volume: Refers to the massive amount of data being generated and stored, which can reach 

levels measured in petabytes or exabytes, requiring advanced computing and storage 

infrastructure. 

2. Velocity: Relates to the speed of data generation and flow, as well as the speed of its processing 

and analysis in real or near-real time. This is critical in dynamic environments such as financial 

transactions or online interactions. 

3. Variety: Reflects the diversity of data forms and sources, including structured data (such as 

databases), unstructured data (such as images, videos, and tweets), and semi-structured data (such 

as XML files). 

4- Veracity: Relates to the quality of data, in terms of accuracy, credibility, and freedom from 

errors or bias. It is a crucial factor in building users' confidence in the resulting analyses. 

5- Value: This is the most important characteristic of big data from a knowledge management 

perspective, as it expresses the applicable insights and knowledge that can be derived from 

analyzing this data (Mayer Schonberger & Cukier, 2013). 

Some researchers believe that the characteristics of big data are not limited to these five 

dimensions, but can be expanded to include two additional dimensions: 

6- Variability: Refers to the continuous change in the structure and context of the data over time. 

For example, data patterns on social media platforms change rapidly in both form and content, 

posing significant challenges to traditional analytical models. 

 7- Visualization: This relates to the need for effective tools and techniques for visualizing data 

(such as interactive charts and heat maps), making it easier for decision makers to understand 

patterns and extract complex relationships from massive data sets (Chen, Mao, & Liu, 2014). 

The integration of "variance" and "visualization" into big data analysis is a natural 

evolution in data science, highlighting the importance of adapting to the dynamic nature of data, 

as well as the need to present analysis results in a clear visual form that supports informed 

decision-making. 

3.Sources and Types of Big Data 

3.1 Sources of Big Data 

The sources of big data vary from one organization to another depending on its operations 

and digital infrastructure. These sources can be categorized into two main types: 

1. Internal Sources: 

These refer to data generated from an organization's internal activities, including: 

• Organizational databases (e.g., HR records, financial data, inventory systems). 

• Digital transaction logs (such as e-invoices and sales/purchase records). 

• Customer Relationship Management (CRM) systems, which document customer 

interactions and behavioral patterns. 

2. External Sources: 

These refer to data obtained from outside the organization, including: 

• Internet data and social media platforms like Twitter and Facebook, which reflect real-

time user trends and behaviors (Kitchin, 2014). 
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• Internet of Things (IoT) devices, which generate data from connected smart sensors in 

homes, industries, and more. 

• Smart sensor data used in monitoring applications across environments, transportation, 

healthcare, etc. 

• Open Data repositories made available by governments or international organizations for 

research and analytics purposes. 

These sources form a rich and diverse data environment that can provide deep insights to 

support knowledge management and strategic decision-making. 

3.2. Types of Data : 

Data processed within big data environments can be classified into three main types, each 

differing in structure and processing approach: 

1. Structured Data: This type includes data stored in traditional tables and relational 

databases, such as customer records or sales data. It is easily managed using relational 

database management systems (RDBMS). 

2. Semi-structured Data: This refers to data that does not conform to a rigid structure but 

still contains identifiable organizational elements, such as XML and JSON files. These 

formats are common in web applications and cloud services and require specialized analytical 

tools (Abadi et al., 2016). 

3. Unstructured Data: This represents the vast majority of digital data and includes images, 

videos, emails, medical notes, and social media content. It is difficult to analyze using 

conventional methods and requires advanced techniques such as machine learning and natural 

language processing (Manyika et al., 2011). 

While this diversity poses analytical challenges, it also opens opportunities for rich knowledge 

discovery across various domains. 

4. Big Data Technologies : 

The processing of big data relies on a range of interconnected technologies and platforms, 

including: 

• Hadoop: An open-source framework used for distributed storage and processing of big data 

across clusters of computers using the MapReduce programming model. It enables highly 

efficient processing of massive data volumes (White, 2015). 

• Apache Spark: An open-source data analytics engine designed for high-speed, in-memory 

processing. It complements Hadoop with its support for machine learning and real-time 

stream processing (Zaharia et al., 2010). 

• NoSQL Databases: Technologies like MongoDB and Cassandra are designed to handle 

unstructured and semi-structured data. They offer more flexibility than traditional relational 

databases and are suitable for dynamic and high-velocity data applications (Sadalage & 

Fowler, 2012). 

• Data Lakes: Central repositories that store raw data in its native format—structured, semi-

structured, or unstructured—for later analysis. 

• Predictive Analytics: A data analytics discipline that uses statistical techniques and 

machine learning algorithms to predict future outcomes based on historical data (Shmueli & 

Koppius, 2011). 

• Text Mining and Artificial Intelligence (NLP): Techniques for extracting insights and 

patterns from unstructured text using Natural Language Processing (NLP), a key component 

of modern AI-based data analytics (Cambria & White, 2014). 

These tools work in harmony to provide deep analytics that support real-time, data-driven 

decision-making within organizations. 
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5.The Importance of Big Data in Organizational Decision-Making 

Big data is a pivotal element in enhancing the quality of organizational decisions. Modern 

organizations have come to rely on it as a strategic tool that supports evidence-based thinking 

rather than intuition or experience. The importance of big data in this context stems from its ability 

to provide accurate and real-time insights that contribute to various levels of decision-making, 

both strategic and operational. 

Among the most prominent advantages of big data in decision-making are: 

• Enhanced predictive power: Through predictive analytics tools, which enable forecasting of 

future trends and behaviors based on available historical data. 

• Supporting strategic decisions: Through analyzing hidden patterns within data, this helps 

identify potential market opportunities and potential risks. 

• Improving operational processes: Big data enables real-time performance monitoring and 

quick, accurate decisions to improve efficiency and reduce costs. 

•  Precise customer targeting: Through analyzing user behavior and preferences, this 

contributes to improving marketing campaigns and customer service. 

• Driving innovation and product development: As a result of a deep understanding of market 

dynamics and changing consumer needs. 

Field studies have shown that organizations that employ big data to support decision-

making processes outperform their peers by up to 23% (McAfee & Brynjolfsson, 2012), reflecting 

the direct impact of this data on enhancing competitive advantage and organizational agility. 

6. The Relationship Between Big Data and Knowledge Management 

The relationship between big data and knowledge management is complementary and 

reciprocal, with each enhancing the effectiveness of the other. On the one hand, big data provides 

a vast and diverse information base from which valuable knowledge can be extracted. On the 

other hand, knowledge management principles guide how this data is organized, analyzed, and 

employed within an organizational context. 

Knowledge management relies on big data as a primary source for extracting explicit and 

tacit knowledge through advanced analytical tools such as data mining, machine learning, and 

predictive analytics. These tools contribute to transforming raw data into actionable knowledge 

for decision-making, innovation, and improving organizational performance (Chen, Chiang, & 

Storey, 2012). 

Conversely, knowledge management provides the conceptual and organizational 

frameworks necessary to maximize the use of big data by designing knowledge maps, identifying 

knowledge gaps, and facilitating knowledge exchange between individuals and systems. It also 

fosters a culture of learning and knowledge organization, enhancing an organization's ability to 

interact with fluid and complex data (North & Kumta, 2018). 

Thus, integrating big data capabilities with knowledge management strategies not only 

improves the quality of available information, but also contributes to the production of up-to-date, 

accurate, and actionable knowledge, enhancing organizations' competitiveness and consolidating 

the transformation toward an "intelligent enterprise.". 

7. Integration of Big Data and Knowledge Management. 

Integrating big data with knowledge management is an advanced step in the digital 

transformation process. This integration reflects a natural evolution in the modern data-driven 

organizational environment. With the rapid growth in the volume and diversity of data, 

organizations are in dire need of tools capable of transforming this data into actionable 

knowledge. This is where big data emerges as the "knowledge fuel" that supports the knowledge 

management system in all its components. 
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Big data enhances knowledge infrastructure by: 

1. Transforming data into knowledge: Data analytics and mining tools help uncover hidden 

patterns and implicit relationships within raw data, leading to the generation of strategically 

valuable organizational knowledge (Chen, Chiang, & Storey, 2012). 

2. Enhancing knowledge capital: Big data expands the scope of knowledge capital by adding 

insights extracted from non-traditional sources, enriching both explicit knowledge 

(documents, rules) and implicit knowledge (expertise, skills). 

3. Accelerating the flow of knowledge: Advanced analytical technologies enable rapid access 

to relevant information, thus narrowing the time gap between knowledge production and use. 

4. Enhancing knowledge-driven decisions: Big data provides in-depth, real-time insights that 

support decision-making, both at the operational and strategic levels, increasing the accuracy 

and quality of those decisions. 

Thus, this integration contributes to redefining the role of knowledge management systems, 

transforming them from mere tools for storing and sharing knowledge into intelligent platforms 

that are adaptable to the changing needs of the organization in a rapidly accelerating and complex 

information environment. 

8. The Impact of Big Data on Knowledge Management Processes 

Big data has a direct influence on the key stages of the knowledge management (KM) cycle, 

which includes: acquisition, storage, sharing, and application. This impact can be outlined as 

follows: 

• Knowledge Acquisition: Big data provides vast and diverse sources for acquiring 

knowledge, including social media, customer logs, IoT sensors, and open government data. 

Tools like web scraping and data mining facilitate the extraction of tacit knowledge and 

pattern recognition from these sources (Kitchin, 2014). 

• Knowledge Storage: Modern storage systems such as data lakes and NoSQL databases 

offer scalable and flexible environments for storing knowledge in various formats—text, 

images, audio, and unstructured sensor data (Sadalage & Fowler, 2012). 

• Knowledge Sharing: Social Network Analysis (SNA) technologies powered by big data 

enable organizations to identify knowledge holders and connect them with those in need, 

thereby improving knowledge dissemination and internal communication (Wasserman & 

Faust, 1994). 

• Knowledge Application: Advanced big data analytics transform extracted insights into 

actionable decisions, such as product development, service optimization, risk forecasting, 

or the formulation of future-oriented strategies (McAfee & Brynjolfsson, 2012). 

9. The Role of Advanced Analytics in Knowledge Extraction from Data:  

Advanced analytics refers to the use of sophisticated analytical techniques such as data 

mining, machine learning, and simulation to generate predictive and prescriptive insights that 

support data-driven decision-making (Davenport & Harris, 2007). 

It represents the "central engine" of integrating big data with knowledge management, 

particularly in transforming tacit knowledge embedded within unstructured data into explicit and 

actionable knowledge. This aligns closely with the SECI model proposed by Nonaka and 

Takeuchi (1995), particularly the stages of externalization and internalization. 

Key types of advanced analytics include: 

• Descriptive Analytics: Helps understand what happened based on historical data. 

• Diagnostic Analytics: Explains why events or issues occurred. 

• Predictive Analytics: Forecasts what is likely to happen. 

• Prescriptive Analytics: Recommends optimal actions based on data insights. 
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These analytics enable organizations to: 

• Discover new knowledge from historical datasets. 

• Classify and organize unstructured information. 

• Identify future opportunities and risks. 

• Support innovation and continuous improvement through knowledge-based decisions. 

Machine learning algorithms and data mining tools are extensively used to extract high-value 

knowledge patterns, enabling more accurate and impactful decision-making (Witten, Frank, & 

Hall, 2011). 

10. Employing Artificial Intelligence and Data Analytics in Knowledge Management 

Artificial Intelligence (AI) and data analytics play a pivotal role in enhancing knowledge 

management within organizations by supporting the transformation of raw data into actionable 

knowledge in real time. 

According to a study by Touati Amira (2025), the use of AI in organizations contributes to 

the rapid collection, analysis, and distribution of information, thereby aiding in precise decision-

making and fostering productivity and innovation, although the adoption of these technologies 

remains limited in the Arab context (Touati, 2025). 

Madouri and Nour El-Din (2024) also emphasized that AI applications enhance all stages 

of knowledge management, including knowledge creation, storage, retrieval, sharing, and 

utilization. This is achieved through the automation of classification and analysis, as well as 

building effective synergy between human expertise and smart technologies (Madouri & Nour El-

Din, 2024). 

Accordingly, AI technologies are considered powerful strategic tools for knowledge 

management, enabling organizations to: 

• Automate knowledge extraction from various sources. 

• Efficiently analyze both textual and numerical data. 

• Provide data-supported recommendations for decision-making. 

• Enhance competitiveness through improved adaptability and responsiveness. 

11. AI Tools in Knowledge Management 

Among the key AI tools employed to support knowledge management are: 

• Intelligent Assistants (e.g., Chatbots): These provide on-demand access to knowledge. 

For instance, an AI-powered chatbot can respond to employee inquiries regarding company 

policies by referencing large volumes of documented knowledge (Bittner et al., 2019). 

• Context-aware Analysis: Understands user needs and recommends appropriate knowledge 

content accordingly. 

• Knowledge Recommendation Systems: Deliver the right knowledge to the right person at 

the right time, functioning similarly to product recommendation engines (Ricci et al., 2015). 

• Discovery of Tacit Knowledge: AI analyzes emails, chat transcripts, and reports to identify 

and surface implicit ideas hidden within unstructured data. 

• Augmented and Virtual Reality (AR/VR): Enables the transmission of practical 

knowledge through interactive simulations, especially in technical or industrial fields. 

• Natural Language Processing (NLP) is a core AI technology used to analyze and 

understand large textual datasets, allowing for classification and connection to diverse 

knowledge activities (Cambria & White, 2014). 

This integration of AI and knowledge management contributes to: 

• Creating interactive, dynamic knowledge environments. 

• Reducing reliance on manual knowledge-sharing initiatives. 

• Promoting collaboration and fostering innovation within organizations. 
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12. Opportunities and Challenges of Employing Big Data in Knowledge 

Management 

In light of the rapid expansion in data generation and the diversification of its sources, big 

data has emerged as a vital strategic resource that can be effectively leveraged to support 

knowledge management within organizations. 

Through its real-time processing and analytical capabilities, big data enables organizations 

to transform information into actionable knowledge, foster organizational learning, and support 

innovation and intelligent decision-making. However, the deployment of these capabilities is not 

without significant technical, organizational, and human-related challenges. 

This chapter aims to present and analyze the key opportunities offered by big data in the 

context of knowledge management, alongside the challenges that may hinder its optimal 

utilization, drawing on contemporary literature and real-world experiences. 

IV. Opportunities and challenge 

1. Opportunities 

• Enhanced Decision-Making: Big data offers unprecedented capabilities for improving 

decision-making by providing real-time and accurate information derived from analyzing 

massive datasets. Predictive and descriptive analytics enable organizations to extract deep 

insights that guide them toward more effective and appropriate choices (McAfee & 

Brynjolfsson, 2012). 

• Fostering Organizational Innovation: Innovation is one of the primary outcomes of 

organizational knowledge. Big data supports this by uncovering market trends, customer 

needs, and behavioral patterns. It also enables the synthesis of fragmented internal data to 

generate novel, unconventional ideas for new product and service development (Manyika et 

al., 2011). 

• Building Intelligent Knowledge Systems: Big data fuels intelligent knowledge systems by 

feeding decision support systems, machine learning platforms, and recommendation engines 

with timely and accurate inputs. It also facilitates the analysis of tacit knowledge and its 

conversion into explicit, shareable knowledge (Chen, Chiang, & Storey, 2012). 

• Strengthening Knowledge Capital: Knowledge capital is defined as the collective 

knowledge possessed by individuals and embedded within the organization's systems. Big 

data strengthens this capital by enabling skill assessment, identifying knowledge gaps, and 

supporting ongoing learning and development initiatives (Bontis, 1999). 

2. Challenges 

• Complexity of Technical Infrastructure: Implementing big data in knowledge management 

requires advanced infrastructure, including cloud storage, intelligent analytics tools, and 

distributed frameworks like Hadoop and Spark. In many developing contexts, organizations 

lack the technical and financial capacity to establish such systems, limiting their ability to 

harness big data’s full potential (Hashem et al., 2015). 

• Shortage of Skilled Human Resources: A major challenge in the big data era is the shortage 

of expertise in data analysis and contextual knowledge interpretation. Successful utilization 

of big data demands not only technical skills but also a deep understanding of knowledge 

systems and organizational context an uncommon combination in most institutions (Mikalef 

et al., 2018). 
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• Privacy and Security Concerns: The rapid growth in data collection from users, clients, and 

connected devices raises critical concerns about: 

• Violations of individual privacy. 

• Unethical or illegal use of data. 

• Data breaches or loss. 

These concerns hinder the trustworthy application of big data in knowledge management, 

especially in sensitive sectors such as healthcare, education, and security (Zwitter, 2014). 

• Cost and Resource Constraints: Although some big data technologies are becoming more 

affordable, implementing a comprehensive big data system still requires significant 

investments in infrastructure, training, and human resources. For small and medium-sized 

enterprises (SMEs), the perceived return on investment may not justify the cost, leading to 

delayed adoption or outright rejection (Wamba et al., 2017). 

V. Results: 

The theoretical analysis of the integration of big data with knowledge management yielded 

a set of key findings that highlight the added value of this integration in modern organizational 

contexts: 

- Big Data is a multidimensional environment: The concept of big data cannot be reduced 

to the quantitative dimension (volume) alone. Rather, it constitutes a complex information 

environment characterized by five main characteristics: volume, variety, velocity, veracity, and 

value. These characteristics transform big data into a rich strategic resource for knowledge 

production and use. 

- Supporting the knowledge management cycle: Big data enhances all stages of the 

knowledge management cycle (acquiring, storing, sharing, and applying knowledge) by providing 

massive streams of analyzable data, contributing to its transformation into practical knowledge 

tailored to the organization's needs and context. 

- The importance of advanced analytics: Analytical tools such as data mining and 

machine learning are essential for extracting patterns from unstructured data, supporting the 

transformation from tacit to explicit knowledge and facilitating its use at various management 

levels. 

- Opportunities and Challenges: Big data offers vast potential for enhancing corporate 

innovation, supporting knowledge-based decision-making, and developing intelligent knowledge 

management systems. However, these benefits are contingent upon the availability of a robust 

technical infrastructure, specialized human resources, and mechanisms for protecting privacy and 

data. 

- The Gap in the Arabic Literature: The study revealed a clear gap in the Arabic literature 

regarding the theoretical and methodological connection between the concepts of big data and 

knowledge management, in contrast to what exists in international studies. This highlights the 

importance of this study as a scientific contribution that seeks to fill this knowledge gap in 

contemporary Arabic literature. 

VI.  Conclusion : 

In the context of rapid digital transformation, big data has become a strategic informational 

asset capable of fundamentally reshaping how knowledge is managed within modern 

organizations. This theoretical study demonstrates that the relationship between big data and 

knowledge management has evolved from a merely technical interaction into a structural 

integration that redefines organizational practices and empowers institutions with capabilities for 

self-learning, sustainable innovation, and evidence-based decision-making. 
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This integration spans all phases of the knowledge management cycle, enhancing the 

organization’s ability to navigate digital challenges and transform fragmented data into strategic, 

actionable knowledge. Accordingly, institutions aiming to strengthen their knowledge-driven 

performance and innovation are encouraged to invest in big data technologies and cultivate the 

human capacities required to manage and analyze such data within a holistic knowledge 

framework. 

VII. Recommendations: 

Based on the theoretical findings of the study on the integration of big data and knowledge 

management, a set of recommendations can be presented to organizations on the one hand, and 

to researchers and the academic community on the other, as follows: 

First: Recommendations for Organizations 

- Adopt comprehensive digital strategies that integrate knowledge management concepts and big 

data technologies, supporting organizations' capabilities in knowledge-based decision-making 

and promoting institutional innovation. 

- Develop human capital by providing specialized training programs in data analysis and 

understanding its cognitive dimensions, while enhancing skills related to interpretation and the 

contextual use of analytical outputs. 

- Invest in technical infrastructure supporting big data, such as cloud computing, predictive 

analytics tools, and knowledge management and exchange platforms. 

- Establish data governance frameworks that include policies to protect privacy, ensure 

information security, and comply with legal and ethical standards related to data use. 

Second: Recommendations for Researchers and the Academic Community 

- Conduct field and experimental studies to measure the impact of integrating big data into 

knowledge management systems on improving organizational performance in various sectors, 

such as education, health, and government services. 

- Develop theoretical and applied models that clarify the mechanisms and paths of integration 

between big data and knowledge management, while testing their effectiveness through 

quantitative and qualitative research. 

- Explore the role of artificial intelligence as a mediating factor in transforming big data into 

effective organizational knowledge, while studying its applications in generating strategic visions. 

- Focus on the Arab context by conducting comparative studies that shed light on the reality of 

using big data in knowledge management within Arab organizations, comparing this reality with 

international experiences, and proposing best practices that suit the specific administrative and 

cultural environment in the region. 

 

 

 

 

 

 

 

 

 

 

 

 

 

 



Leveraging Big Data to Enhance Knowledge Management: A Theoretical Study         pp 99-117 

 

 

116 

- Referrals and references: 

1. Alavi, M., & Leidner, D. E. (2001). Review: Knowledge management and knowledge management 

systems: Conceptual foundations and research issues. MIS Quarterly, 25(1), 107–136. 

2. Barkan, A., & Bochenek, L. (2022). Knowledge management practices in Algerian public utilities: A 

case study of the Electricity and Gas Distribution Company in Oran. Journal of Organizational 

Knowledge Management, 14(2), 45–60. 

3. Beedy, R. (2024). Knowledge management and digital transformation: Strategic integration in 

business organizations. International Journal of Digital Innovation, 9(1), 22–39. 

4. Bittner, E., Leimeister, J. M., & Yetton, P. (2019). Managing the human-AI interaction: Insights from 

an experiment on a conversational agent. Business & Information Systems Engineering, 61(5), 523–

539. 

5. Bittner, E. A. C., Leimeister, J. M., & Thalheim, B. (2019). Chatbots for knowledge management: 

Case study and future directions. In Knowledge Management in Digital Change. Springer. 

6. Bontis, N. (1999). Managing organizational knowledge by diagnosing intellectual capital: Framing 

and advancing the state of the field. International Journal of Technology Management, 18(5–8), 433–

462. 

7. Chen, H., Chiang, R. H. L., & Storey, V. C. (2012). Business intelligence and analytics: From big 

data to big impact. MIS Quarterly, 36(4), 1165–1188. 

8. Chen, M., Mao, S., & Liu, Y. (2014). Big data: A survey. Mobile Networks and Applications, 19(2), 

171–209. https://doi.org/10.1007/s11036-013-0489-0 

9. Dalkir, K. (2011). Knowledge management in theory and practice (2nd ed.). MIT Press. 

10. Davenport, T. H., & Harris, J. G. (2007). Competing on analytics: The new science of winning. 

Harvard Business Press. 

11. Gartner. (2011). IT Glossary: Big Data. Retrieved from https://www.gartner.com 

12. Gold, A. H., Malhotra, A., & Segars, A. H. (2001). Knowledge management: An organizational 

capabilities perspective. Journal of Management Information Systems, 18(1), 185–214. 

13. Ipe, M. (2003). Knowledge sharing in organizations: A conceptual framework. Human Resource 

Development Review, 2(4), 337–359. 

14. Jennex, M. E., & Olfman, L. (2006). A model of knowledge management success. International 

Journal of Knowledge Management, 2(3), 51–68. 

15. Kitchin, R. (2014). The data revolution: Big data, open data, data infrastructures and their 

consequences. SAGE Publications. 

16. Laney, D. (2001). 3D data management: Controlling data volume, velocity, and variety. META 

Group Research Note. 

17. Mayer-Schönberger, V., & Cukier, K. (2013). Big data: A revolution that will transform how we live, 

work, and think. Houghton Mifflin Harcourt. 

18. McAfee, A., & Brynjolfsson, E. (2012). Big data: The management revolution. Harvard Business 

Review, 90(10), 60–68. 

19. Mikalef, P., Pappas, I. O., Krogstie, J., & Giannakos, M. (2018). Big data analytics capabilities: A 

systematic literature review and research agenda. Information Systems and e-Business Management, 

16(3), 547–578. 

20. Nonaka, I., & Takeuchi, H. (1995). The knowledge-creating company: How Japanese companies 

create the dynamics of innovation. Oxford University Press. 

21. North, K., & Kumta, G. (2018). Knowledge management: Value creation through organizational 

learning. Springer. 

22. Probst, G., Raub, S., & Romhardt, K. (2000). Managing knowledge: Building blocks for success. 

Wiley. 

23. Ricci, F., Rokach, L., & Shapira, B. (2015). Recommender systems handbook (2nd ed.). Springer. 

24. Shmueli, G., & Koppius, O. R. (2011). Predictive analytics in information systems research. MIS 

Quarterly, 35(3), 553–572. 

25. Sumbal, M. S., Tsui, E., & See-to, E. W. K. (2017). Interplay between big data and knowledge 

management: A case study in the oil and gas industry. Journal of Knowledge Management, 21(1), 

121–142. https://doi.org/10.1108/JKM-07-2015-0272 

https://doi.org/10.1007/s11036-013-0489-0
https://www.gartner.com/
https://doi.org/10.1108/JKM-07-2015-0272


Hafi djilani  , Pr. Boucheta Rahmouna  

 

 

117 

26. Sumbal, M. S., Tsui, E., Irfan, M., Shujahat, M., & Ali, M. (2021). Big data and knowledge 

management: A comparison of traditional and data-driven practices. Journal of Knowledge 

Management, 25(2), 295–316. https://doi.org/10.1108/JKM-08-2020-0606 

27. Tian, Y. (2017). Big data and traditional knowledge management: Technological enablers and 

strategic alignment. International Journal of Information Management, 37(1), 10–16. 

https://doi.org/10.1016/j.ijinfomgt.2016.09.002 

28. Wamba, S. F., Gunasekaran, A., Akter, S., Ren, S. J. F., Dubey, R., & Childe, S. J. (2017). Big data 

analytics and firm performance: Effects of dynamic capabilities. Journal of Business Research, 70, 

356–365. 

29. White, T. (2015). Hadoop: The definitive guide (4th ed.). O'Reilly Media. 

30. Wig, K. M. (1997). Knowledge management: Where did it come from and where will it go? Expert 

Systems with Applications, 13(1), 1–14. 

31. Witten, I. H., Frank, E., & Hall, M. A. (2011). Data mining: Practical machine learning tools and 

techniques (3rd ed.). Morgan Kaufmann. 

32. Zack, M. H. (1999). Developing a knowledge strategy. California Management Review, 41(3), 125–

145. 

33. Zwitter, A. (2014). Big data ethics. Big Data & Society, 1(2). 

https://doi.org/10.1177/2053951714559253 
 

 

https://doi.org/10.1108/JKM-08-2020-0606
https://doi.org/10.1016/j.ijinfomgt.2016.09.002
https://doi.org/10.1177/2053951714559253

