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Abstract:

This study proposes a hybrid GARCH-LSTM model to analyze volatility in
Gulf stock markets (Saudi Arabia, UAE, Qatar, Kuwait) during 2020-2024.

The model outperforms traditional methods, highlighting the benefit of
combining econometric modeling with deep learning to improve understanding of
market volatility and support investment and risk management decisions.
Keywords: Emerging Financial Markets; GARCH; LSTM; Predictive Efficiency;
Gulf Markets Returns.
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