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Employing (Al) techniques to boost the efficiency of digital marketing

Abstract:

Digital marketing is rapidly evolving, but it faces challenges such as analyzing big
data, personalizing content, and measuring campaign performance. Artificial
intelligence (Al) addresses these issues by automating processes and enhancing
personalized experiences. This research analyzed prior studies and real-world
applications of Al tools, including machine learning, natural language processing
(NLP), and chatbots, to assess their impact on consumer behavior analysis, ad
targeting, and SEO optimization. Findings reveal that Al improves audience targeting
precision, boosts conversion rates, and reduces costs through task automation.
Sentiment analysis also enabled real-time customer feedback interpretation. However,
challenges emerged, such as data ethics and the need for skilled personnel. While Al
proves to be a powerful tool for optimizing digital marketing, its success depends on
balancing technology with strategic management and addressing risks like privacy

(J i wisti) cabdelghani.hadjab@univ-msila.dz « 5 41 aladt - OBl 5 aes dusls f ol sleul *

djeloud. wissam@gmail.com ¢ i 41 caledl — Glo y de sl b **

133


mailto:abdelghani.hadjab@univ-msila.dz
mailto:abdelghani.hadjab@univ-msila.dz
mailto:djeloud.wissam@gmail.com

(2025 3 aaad) (14 alaal) Jeaad) g anda i3l) dlaa

concerns and ethical implications. The study concludes that Al-driven marketing
delivers measurable efficiency gains but requires responsible implementation to
maximize benefits while mitigating potential downsides. Future adoption hinges on
continuous innovation, regulatory compliance, and human oversight to maintain trust
and effectiveness.

Keywords :Al Marketing, Digital Transformation, Consumer Behavior Analysis, Personalization, Data
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