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Abstract: Rapid economic and technological transformations, particularly the shift
from traditional models to those based on artificial intelligence. The paper
addresses the growing inadequacy of conventional scoring tools in accurately
predicting credit risk in a digitally evolving world. It reviews relevant theoretical
literature and globally adopted intelligent mechanisms, while contextualizing the
discussion within the Maghreb region.The study proposes a smart model for
creditworthiness evaluation tailored to the specificities of the Maghreb financial
environment. This model is later tested through a simulated application on a virtual
Algerian bank named “Bank Al-Amane”.The results indicate that applying
machine learning algorithms, such as Random Forest, improves classification
accuracy and enhances the bank’s ability to assess clients more effectively. The
study concludes that a methodological integration of traditional analytics and
intelligent algorithms offers promising prospects for Maghreb financial institutions
to reduce risk and promote broader financial inclusion.

Keywords: Artificial Intelligence; Credit Rating Agencies; Creditzorthiness ;Smart
Models; Machine Learning.
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270 | (1) | (Geed) | (Geed) | (o=t

(plaie
001 120000 35 1 1 1 3 5 1
002 85000 50 2 0 1 1 2 0
003 150000 20 0 1 1 4 6 1
004 70000 60 3 0 0 0 0 0
005 95000 42 1 1 1 2 3 1
006 60000 55 2 0 0 0 1 0
007 130000 25 0 1 1 3 4 1
008 78000 47 1 1 0 1 2 0
009 110000 30 0 1 1 3 5 1
010 90000 40 2 0 1 2 1 0
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